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ABSTRACT
Occupational turnover is a costly problem afflicting much of the nursing industry,
and occupational commitment is a strong predictor of withdrawal from one‟s profession.
Traditional organizational research examines most commitment-behavior relationships
from a variable-centered perspective, focusing on the relationships between constructs.
The present study adopts a configural, or person-centered approach aimed at identifying
and describing clusters of individuals who share a similar set of occupational
commitment mindsets. The present study extends current literature by a) investigating the
existence of several occupational commitment profiles and describing their
characteristics; b) examining situational and demographic predictors of profile
membership; and c) testing differences in occupational withdrawal intentions across the
occupational commitment profiles. I examined these questions longitudinally using
Latent Profile Analysis (LPA) in an archival data set of Registered Nurses from different
organizations in the Northwestern United States. Five distinct profiles of occupational
commitment among nurses emerged – free agent, allied, complacent, attached, and
devoted - each differing with respect to their predictors, outcomes, and degree of stability
over time. While there were few demographic differences across profiles, the frequency
of successes, supports, and demands on the job appear to play an important role in the
development of occupational commitment mindsets. Profiles were also characterized by
their varying effects on withdrawal from the occupation. The findings supplemented
results gleaned from more traditional hierarchical regression techniques. Additional
implications and future directions for research are discussed.
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CHAPTER ONE
OCCUPATIONAL TURNOVER AND NURSING
Currently in the United States, nurses are needed more than ever. The population
of the United States is aging, creating a greater demand for nursing care and a
corresponding shorter supply of workers to fill nursing roles. The O*NET projects that
the U.S. will need 1,039,000 new Registered Nurses (RNs) between 2008 and 2018, and
that the profession is growing at a “much faster than average” rate of 20% or more
(Bureau of Labor and Statistics, 2008). Given this expected nursing shortage, the
healthcare industry must concentrate on attracting, engaging, and retaining quality nurses.
Researchers have identified several reasons for the anticipated nurse shortage.
These areas of concern could be categorized into “supply” issues, “demand” issues, and
retention issues. Supply issues concerns bringing sufficient numbers of new RNs into the
field, while demand issues deal with the growing need for RNs to care for the large
proportion of aging individuals in the US (Rosseter, 2009). The third set of potential
reasons for the nursing shortage deals with retaining and engaging existing nurses. RNs
may choose to leave nursing in one of two ways: retirement or occupational transition.
Like the aging US population, many nurses are also approaching retirement and may use
retirement as a way to withdraw from the industry (Rosseter, 2009). Other nurses who
may not be ready or able to retire might choose to simply leave the field for another
profession.
The nursing literature has acknowledged that a key component to resolving the
nurse shortage is to focus efforts on preventing nurses from leaving (e.g., Ellis & Miller,
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1994). This raises the two critical questions, “Why do nurses leave the industry?” and of
equal importance, “Why do they stay?” To answer these questions, it is first important to
understand the context in which nurses work.
Studies have shown that the stressful nature of nurse work contributes to nurses‟
inclinations to leave their job or the industry altogether (e.g., Burton, Morris, &
Campbell, 2005; Lucas, Atwood, & Hagman, 1993). To provide a snapshot of nurse
work, here is a brief list of some of the hassles and stressors RNs face regularly: dealing
with death and dying (e.g., Foxall, Zimmerman, Standley, & Bene, 1990); rotating shifts
(e.g., Robinson & Lewis, 1990); work overload due to understaffing; performing with
insufficient information and resources (e.g., Snape & Cavanagh, 1993); violence and
bullying from patients and coworkers; sexual harassment (e.g., Jackson, Clare, &
Mannix, 2002); lacking managerial support (e.g., Lally & Pierce, 1996); having little
control over one‟s job (e.g., Hatcher & Laschinger, 1996); and concern for unsafe patient
care delivery (e.g., Scalzi, 1990). Stressors and demands such as these likely contribute to
nurses‟ lack of attachment to their profession; if RNs quit nursing altogether, they reduce
the already insufficient supply of nurses (Rosseter, 2009).
On a brighter note, nursing has its rewarding aspects. These are the positive
factors that enhance nurses‟ affection and attachment toward their practice. Recent
studies suggest that positive experiences such as personal accomplishments, acts of
support, personal growth, and receiving recognition predict retention outcomes and may
even buffer the negative effects stressors have on these retention outcomes (e.g., Deese,
Sears, Sinclair, Wright, Cadiz, Jacobs, et al., 2009; Sinclair, Mohr, Davidson, Sears,
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Deese, Wright, et al., 2009; Schaufeli & Bakker, 2004). While there is a clear need to
better understand the positive aspects of nurse work, it is evident that some nurses find
aspects of their jobs rewarding enough to stay in the field.
Before researchers can make real progress in preventing nurses from leaving the
nursing occupation, it is important to understand the predictors of retention (withdrawal),
as well as the psychological processes by which nurses attach themselves to (detach
from) their profession. Accordingly, the present study adopts a configural, or personcentered approach aimed at identifying and describing clusters of individuals who share
similar commitment to the occupation of nursing. Focusing on the characteristics of
individuals within each cluster or profile as well as differences in withdrawal across
profiles, this paper extends current literature by a) proposing and confirming the
existence of several theory-driven occupational commitment profiles and describing
member characteristics within each profile; b) examining situational and personal
predictors of profile membership; and c) investigating differences in occupational
withdrawal intentions across the occupational commitment profiles. I examined these
questions longitudinally using Latent Profile Analysis (LPA; or latent mixture modeling)
in a set of archival survey data from Registered Nurses in different organizations in the
Northwestern United States. The findings from this study provide support for configural
approaches to commitment research and guide future research aimed at improving
nursing shortage.
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CHAPTER TWO
COMMITMENT IN THE WORKPLACE
When tackling the problem of occupational turnover, researchers have
investigated the thought processes of individuals who make the decision to leave their
profession. Researchers have identified several forms or mindsets of commitment and
studied them in relation to various targets, finding that commitment mindsets are core
antecedents to withdrawal from those targets (Cooper-Hakim, & Viswesvaran, 2005; Lee,
Carswell, & Allen, 2000). Accordingly, the present paper adopts the following definition
of commitment: “the force that binds an individual to a course of action relevant to a
particular target” (Meyer & Herscovitch, 2001; p. 301). As described later, commitment
is distinct from motivation or other target-relevant attitudes in that commitment can
influence behavior even in the absence of extrinsic motivation or positive attitudes. This
chapter provides a summary of commitment as a construct, including a review of
commitment mindsets and targets that have been studied, as well as an overview of
commitment theory relevant to the present study.
The Construct of Commitment
The construct of commitment began to receive attention from organizational
researchers in the 1960‟s and 1970‟s. Becker (1960) viewed commitment as a type of
“loyalty” to employers and studied the role that prior decisions and possible alternatives
play in determining an individual‟s future actions. Another example comes from
Grusky‟s work (1966) in which he examined the ways in which rewards influence
attachment to the organization. Other researchers at the time worked on identifying
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certain profiles (e.g., Gouldner, 1960) and typologies of commitment (e.g., Etzioni,
1961).
Later, an attitudinal perspective on commitment emerged, focusing on how
individuals identify with a given target. This attitudinal approach to commitment
contrasted with prior work that had viewed commitment as a behavior, investment, or
exchange (Klein, Molloy, & Cooper, 2009). This new attitudinal research investigated the
underlying dimensions of attitudinal commitment (e.g., Porter, Steers, Mowday, &
Boulian, 1974) as well as connections between organizational commitment and turnover
(e.g., Buchanan, 1974). Subsequent research continued efforts to better understand the
multiple mindsets and targets of commitment.
Clearly, commitment has been defined in many ways throughout its history. Klein
and colleagues (2009) identified eight distinct ways commitment has been conceptualized
in the literature. They argue that definitions that define commitment as an
investment/exchange, identification, congruence, or retention are confounded with other
constructs. On the other hand, definitions of commitment as an attitude, force, or bond
are not confounded with other constructs in the literature. The researchers argue that
defining commitment as an attitude, however, fails to effectively capture the construct of
commitment (Becker, Klein, & Meyer, 2009; Klein et al., 2009; Meyer & Herscovich,
2001). Consider the following definition of an attitude provided by Ajzen (2001): “there
is general agreement that an attitude represents a summary evaluation of the
psychological object that is captured in such attribute dimensions as good-bad, harmfulbeneficial, pleasant-unpleasant, and likable-dislikable” (p. 28). This is problematic in that
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commitment to a target may not depend on the summary judgment of that target. For
instance, an individual with a pleasant summary evaluation of a target may not
necessarily be committed to that target. Meyer and Herscovich (2001) reinforce that,
“commitment is distinguishable from exchange-based forms of motivation and from
target-relevant attitudes, and can influence behavior even in the absence of extrinsic
motivation or positive attitudes.” (p. 301). Thus, commitment is neither an attitude nor an
exchange.
The present paper views commitment as a binding force in which predictors of
commitment create pressure that ties an individual to the target (e.g., Meyer & Allen,
1991; Meyer & Herscovitch, 2001). Meyer and Herscovitch (2001) defined commitment
as “the force that binds an individual to a course of action relevant to a particular target”
(p. 301).

This distinguishes commitment from exchange-based mindsets or other

attitudes. For instance, some people might choose to stay in a relationship they are highly
committed to, even if there are no external rewards or other positive outcomes. In this
sense, commitment is truly regarded as a force in and of itself.
Commitment Targets
Morrow (1983), Reichers (1985), and Becker (1992) laid the foundation for
studying multiple commitment foci or targets. Commitment targets are the objects to
which an individual is committed. Researchers have studied employee commitment to the
employing organization, occupation, career, union, client organization, organizational
subentities, and actions or goals (for complete reviews, see Cohen, 2003; and
Vandenberghe, 2009).
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Vandenberghe (2009) points out that the predictors of each target will
theoretically differ because the nature of the person-target relationship and attributions
are qualitatively different. For instance, predictors of organizational commitment as
compared to predictors of occupational commitment may differ because organizations
have clearer boundaries and may be more easily personified than occupations
(Vandenberghe, 2009). Also, behavior from agents of organizations (e.g., leadership) is
more likely to be attributed to organizations and influence organizational commitment,
whereas such behaviors may not be as easily attributed to occupations.
Regarding outcomes, commitment toward a given target is negatively related to
withdrawal from that target (e.g., Cooper-Hakim, & Viswesvaran, 2005; Meyer &
Herscovitch, 2001). One trend in commitment research is the move toward the study of
how multiple commitment targets are interrelated and interact to predict outcomes (e.g.,
Cohen, 2003; Morin, Morizot, Boudrais, & Madore, in press). This type of research
accounts for the possibility that an individual may hold varying degrees of commitment
toward multiple targets at any one point in time.
Commitment Mindsets
In the 1970‟s and 1980‟s, many commitment researchers focused on questions
about the dimensionality of commitment. Buchanan (1974) proposed three core
dimensions of commitment (identification, involvement, loyalty), followed by work from
O‟Reilly and Chatman (1986) who suggested that commitment to the organization is
made up of three similar dimensions (compliance, identification, and internalization).
Mayer and Schoorman (1992, 1998) posited that commitment was made up of one‟s
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commitment to stay and willingness to participate in the organization. Later, Meyer and
Allen (Allen & Meyer, 1990; Meyer & Allen, 1991, 1997) proposed their three
component model (affective, continuance, normative) which is now the dominant
typology in commitment research.
According to Meyer and Allen, workplace commitment consists of components
related to desire, cost, and obligation, the three mindsets that make up the core binding
force of commitment (Meyer & Herscovitch, 2001).

Each of these core mindsets

corresponds to an aspect of human motivation: affect (desire), cognition (cost), and social
influence (obligation). Affective commitment represents the shared values, identification
with, and emotional attachment to a particular focus. Cognition-based commitment, also
referred to as continuance commitment, represents the acknowledged costs of leaving the
target and includes the evaluative, decision-making processes involved in commitment.
Lastly, commitment driven by a felt obligation toward a target, referred to as normative
commitment, involves feelings that one should stay because of social norms. Individuals
may have different levels of affective, continuance, and normative commitment mindsets
toward multiple targets simultaneously.
The present study chose to focus only on affective and continuance mindsets for
several reasons. First, commitment researchers have argued that the high correlation
between normative and affective commitment dimensions suggests that they capture the
same construct (Meyer & Herscovich, 2001). Second, in a study by Wasti (2005)
reviewed more thoroughly later, outcomes for the commitment profile consisting of high
affective commitment were not significantly different than outcomes for the profile
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characterized by high affective and normative commitment. Because normative
commitment levels within these profiles did not differentiate outcomes, its contribution is
questionable. Lastly, commitment profiles that involve low, medium, and high levels of
three commitment mindsets allows for the possibility of 27 profiles. Weighing the
relative empirical and theoretical contribution of normative commitment with the
increased complexity associated with adding another dimension in commitment profiles,
I decided to omit normative commitment from the model.
Commitment Mechanisms
Many theoretical perspectives and models have been applied in the commitment
literature. Researchers have developed commitment theory to explain the development of
commitment, commitment outcomes, and the moderators of these relationships. Some
theoretical rationales pertain to specific commitment mindsets. For instance, decisionmaking and side bet theories have been used to explain how processes related to
perceived investments, costs and alternatives influence continuance commitment
specifically (e.g., Becker, 1960). While mindset-specific perspectives are useful in
explaining relevant phenomena, some work has integrated perspectives to understand
how multiple mindsets of commitment work together (e.g., Vandenberghe, 2009). Here, I
link relevant theory and mechanisms that explain some of the processes underlying
commitment development and outcomes.
Development of Commitment
Commitment theory suggests two primary mechanisms by which affective
commitment develops: personal fulfillment and retrospective rationality (Meyer & Allen,
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1997). With regards to personal fulfillment, the extent to which expectations are met,
personal characteristics fit with the work, and work experiences are generally rewarding
each contribute to affective commitment. Meyer and Allen (1997) highlight the role of
conscious awareness of these events and processes, as well as the role of the ways in
which events and experiences are causally attributed. Application of this idea to nursing
would suggest that for affective commitment to develop toward an occupation, say
nursing, rewarding events must be consciously perceived and attributed, at least in part,
to the field of nursing.
To further explain the mechanism by which rewarding experiences lead to the
development of affective commitment, Social Exchange Theory (SET; Blau, 1964)
suggests that individuals are motivated to reciprocate positive treatment from a target
with commitment to that target as a form of reciprocity. The SET framework views
relationships between an individual and a target as social interactions that are
interdependent and evolve over time (Blau, 1964). For this evolution to result in a loyal,
trusting exchange relationship, the rule of reciprocity must be followed. Reciprocity is
the mechanism by which an individual experiences a positive exchange relationship and
depends on the balance between what is given and what is received (Gouldner, 1960).
Applications of this theory suggest that employees personify their organization and
perhaps their occupation (e.g., Vandenberghe, 2009), and perceive there to be a social
exchange between themselves and the target. Researchers have argued that affective
commitment is one way employees reciprocate positive treatment from a given target
(Cropanzano & Mitchell, 2005; Rhoades, Eisenberger, & Armeli, 2001).
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The second primary mechanism by which affective commitment develops is
through behavioral commitment and justification processes. According to this
perspective, employees who choose a particular occupation and make their decision
public cannot easily change their minds without experiencing some level of cognitive
dissonance. Therefore, employees will justify their actions retrospectively and develop
affective attachment to the occupation. This idea has received support in the literature,
and especially in a study by Somers (1995) that I review later in Chapter 4.
While personal fulfillment and rationalizations are involved in forming affective
commitment, investments, “side bets”, and alternatives play a role in the development of
continuance commitment (Meyer & Allen, 1997). Becker‟s (1960) side bet theory was
applied to the idea of organizational commitment but was also presented as the basis for
occupational commitment. “Side bets” are thought to be the accumulation of investments
people would lose if they left their occupation. Becker argues that commitment is
strengthened as these investments increase. For instance, employees who have invested
considerable resources time, energy, and money in their education and development
within an occupation have accumulated a substantial amount of sunk costs. These
investments would be perceived as lost if they decided to change careers. On the other
hand, employees who have made few sacrifices for their career should be less likely to
perceive such high costs of leaving.
Commitment Outcomes
Just as research has examined constructs involved in the development of
commitment, studies have also examined the ways in which commitment mindsets relate
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to outcomes. Meta-analyses examining commitment mindsets suggest that affective and
continuance commitment differ in how strongly they relate to outcomes (Meyer &
Herscovitch, 2001). Compared to other commitment mindsets, affective commitment has
the strongest relationship with withdrawal from the target, performance, organizational
citizenship behavior, and absenteeism (Allen & Meyer, 1990; Cooper-Hakim &
Viswesvaran, 2005; Meyer & Allen, 1984; Meyer, Allen, & Smith., 1993). Interestingly,
continuance commitment has a weak and sometimes positive correlation with turnover in
some instances (e.g., Stinglhamber, Bentein, & Vandenberge, 2002), which contradicts
the idea of commitment as a binding force.
To help explain this finding, recent commitment research has turned to approachavoidance theory. Vandenberghe (2009) proposed a model that integrates approachavoidance perspective (e.g., Carver & White, 1994; Sutton & Davidson, 1997) with state
goal orientation theory (e.g., Dweck, 1986) to explain the mechanisms by which
commitment mindsets are related to withdrawal, health, and performance outcomes. Of
particular relevance to this study, the approach-avoidance mechanism explains how
experiences and perceptions shape commitment mindsets and, in turn, influence
engagement or withdrawal behaviors.
Approach-avoidance mechanisms are thought to be core to human behavior and
personality and operate through two functionally independent behavioral systems: BAS
and BIS. The Behavioral Activation System (BAS) is triggered in reaction to nonpunishment or reward, activating positive emotions and approach behaviors. The
Behavioral Inhibition System (BIS) is triggered by punishment or non-reward, activating
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negative emotions and avoidance behaviors (Diefendorff & Mehta, 2007; Gable, Reis, &
Elliot, 2000; Gray, 1990). While personality researchers acknowledge that individuals
express tendencies toward either approach or avoidance orientations (e.g., James &
Mazerolle, 2002), it is also acknowledged that the activation of these two motivational
systems are partly triggered by daily affective experience (Gable et al., 2000). It is also
important to note that there is potential for both BIS and BAS activation, and in other
cases, neither system may become activated.
Vandenberghe (2009) explains that commitment mindsets determine the extent to
which approach versus avoidance motivation will be activated. The researcher alludes to
the possibility that having high affective commitment may trigger the approach
mechanism, while continuance commitment may trigger the avoidance system. For
instance, employees who have developed high affective occupational commitment
experience positive emotions toward their field. They will probably remain in their
occupation and engage in discretionary citizenship behaviors as this has likely activated
the approach system. On the other hand, employees who have remained in their field
primarily because they lack alternatives or have high costs of leaving may feel trapped,
helpless, or frustrated. Such negative emotions are likely to trigger the avoidance system
and motivate employees to withdraw from the situation. Vandenberghe (2009) argues that
this avoidance system may explain why aspects of continuance commitment have
correlated positively with turnover in some cases.
This then raises an important research question related to the nature of the
commitment mindsets that trigger either approach or avoidance systems, both, or neither.
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Several studies, more thoroughly reviewed in Chapter 4, have found support for the
general idea that one mindset at high levels may diminish the effects of other mindsets
(e.g., Jaros, 1997; Somers, 1995). This idea suggests that when affective commitment
levels are high and continuance commitment levels are low, the positive emotions drive
approach related behaviors and continuance commitment has little effect. Conversely,
when behavior is primarily driven out of an attempt to avoid costs of leaving and there is
a lack of emotional attachment, the negative emotions associated with cost-avoidance
trigger the avoidance system. Employees may do only what is required until they can find
a way to withdraw from the target. Given these relatively new developments, theory in
this specific area is in its infancy, providing an opportunity for research that builds upon
and empirically tests these ideas.
Summary
Commitment is a force that binds individuals to a particular focus or object. It
differs in terms of the psychological mindset it takes (e.g., affective, continuance) and in
terms of target (e.g., supervisor, organization, occupation). The three-factor model of
commitment is most comprehensive and well-supported conceptualization of
commitment. Founded on basic motivational principles, the model accounts for desire,
costs, and obligation to remain attached, taking the form of affective, continuance, and
normative commitment, respectively. While many studies have examined organizational
commitment, much less work has investigated the processes by which occupational
commitment develops and leads to outcomes.
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CHAPTER THREE
OCCUPATIONAL COMMITMENT
An individual‟s attachment to a particular line of work has been referred to as
professional commitment, occupational commitment, and career commitment (Meyer et
al., 1993; Vandenberghe, 2009). Occupational commitment has been defined in many
ways: one‟s motivation to work in a given career (Hall, 1971); the salience of career
values in one‟s total life (Greenhaus, 1971, 1973); the degree of centrality of the career
for one‟s self-identity (Carson & Bedeian, 1994; Gould, 1979); “devotion to a craft,
occupation, or profession apart from any specific work environment, over an extended
period of time” (Morrow, 1983, p. 490); and attitudes regarding one‟s profession or
vocation (Blau, 1985). While some research has approached the study of occupational
commitment by looking at variables reflecting career involvement (e.g., career salience;
Greenhaus, 1971), others have based their study on attachment to the profession itself
(Cohen, 2003). The current study takes the latter approach in order to better understand
withdrawal from the nursing profession,.
Despite some debate around the appropriate operationalization of occupational
commitment, Meyer and colleagues (1993) integrated the idea of occupational
commitment with their 3-component model of organizational commitment, resulting in a
3-component model of occupational commitment. Affective occupational commitment
(AC) refers to the desire to stay in a profession. Continuance occupational commitment
(CC) refers to the need to stay in a given profession because of the costs associated with
leaving. Lastly, normative occupational commitment refers to the obligation to stay in a
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profession because of social influences. Researchers have found support for this threecomponent model of occupational commitment in samples of Canadian nurses (Meyer et
al., 1993), Canadian government employees (Irving, Coleman, & Cooper, 1997), British
human resource specialists (Snape & Redman, 2003), and Chinese and British
accountants (Snape, Lo, & Redman, 2008). While some researchers conceptualize
occupational commitment as a general bond to one‟s profession, exploring occupational
commitment mindsets allows researchers to understand the different mechanisms
involved in the development of commitment, which may have different implications for
interventions. Because so little work has been done in this area, I review the theoretical
and empirically supported antecedents and consequences of occupational commitment
operationalized both unidimensionally and as multiple mindsets.
Predictors of Occupational Commitment
In summarizing the research on commitment in general, Becker and colleagues
(2009) note that predictors of commitment fall into several broad categories: target
characteristics, individual differences, and situational characteristics (i.e., social,
organizational, and cultural predictors). More specifically, Vandenberghe (2009)
proposes that the following variables are theoretically relevant in predicting occupational
commitment:

occupational

value

congruence,

job

characteristics,

investments,

alternatives, and individual differences. Because the present paper seeks to inform
research on potential occupational commitment interventions, I focus primarily on
examining job characteristics that may be changed. To account for differences between
nurses, I also examine individual differences in professional investments and alternatives.
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Two meta-analyses have identified the known predictors of occupational
commitment (i.e., Cooper-Hakim & Viswesvaran, 2005; Lee et al., 2000). Tables 1, 2,
and 3 present summaries of predictor effect sizes from two meta-analyses. While CooperHakim and Viswesvaran‟s study examined the relationship between occupational
commitment and other work attitudes and mindsets, Lee and colleagues looked at more
distal antecedents of occupational commitment, and so I focus on those findings.
With respect to job characteristics, Lee and colleagues (2000) found positive
relationships between unidimensional occupational commitment and positive features of
the work such as satisfaction with the work itself (ρ = .31) and autonomy (ρ = .22). These
relationships are consistent with other research suggesting that rewarding work that
allows employees to feel a sense of competence and accomplishment and triggers
approach-related processes (e.g., Bakker, Hakanen, Demerouti, & Xanthopoulou, 2007;
Demerouti, Bakker, Nachreimer, & Schaufeli, 2001). Positive interpersonal experiences
such as coworker support (ρ = .29), supervisor support (ρ = .28), and satisfaction with
coworkers (ρ = .19) are also related to occupational commitment (Lee et al., 2000). In
line with approach-avoidance theory, these findings suggest that positive experiences
related to job tasks and interpersonal interactions are likely to trigger BAS processes,
leading to the development of approach-related outcomes such as increased occupational
commitment.
Lee and colleagues (2000) also identified a few negative experiences related to
the occupational commitment, such as role ambiguity (ρ = -.27), stress (ρ = -.24), and role
conflict (ρ = -.21). These findings are consistent with the large body of research on work
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stress (e.g., Jex, 1998; Sulsky & Smith, 2005), that suggests employees tend to withdraw
from situations where they frequently deal with negative work experiences and
interpersonal interactions (e.g., Grandey & Cropanzano, 1999; Leiter, 1991). Thus, in the
face of high work demands and/or frequent interpersonal conflict, inhibitory processes
are triggered and employees are likely to experience a decreased commitment to their
occupation.
Lee and colleagues also explored the relationships between a number of
demographic individual differences and occupational commitment. Researchers have
argued that variables such as age, representing fewer career options as one gets older
(Colarelli & Bishop, 1990), and occupational tenure and education, representing
accumulated investments over time (e.g., Becker, 1961), should both relate positively to
occupational commitment. Although Lee et al. (2000) found only small effect sizes for
these relationships (tenure: ρ = .07 education: ρ = .03; age: ρ = .09), they did not consider
the specific mindsets of occupational commitment. Meyer et al. (1993) found that age
and occupational tenure were negatively related to affective occupational commitment (ρ
= -.14; ρ = -.40, respectively), but positively related to continuance occupational
commitment (ρ = .33; ρ = .49, respectively), highlighting the need to look at the
dimensions of commitment.
Arguments that women tend to be more committed to their occupation than men
and the notion that a greater number of dependents lead to stronger career commitment
were both unsupported in the Lee et al. meta-analysis (2000; ρ = .01; ρ = -.01,
respectively). However, Snape, Lo, and Redman (2008) found that women demonstrated
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higher levels of affective occupational commitment, while men displayed higher levels of
continuance occupational commitment. Irving and colleagues (2003) also found that men
reported significantly higher continuance occupational commitment than women but
found no differences across affective occupational commitment. While there is clearly
value in looking at the specific mindsets of occupational commitment, there is also a need
to look beyond simple linear relationships. It is possible that these predictors influence
the patterns of commitment mindsets that develop, and correlations may not appropriately
capture this type of complex relationship.
Also, while researchers have largely conceptualized all of these factors as
“predictors” or “antecedents” of occupational commitment, it is important to note that
neither directionality nor causality can be inferred from such non-experimental studies,
and it is possible that occupational commitment leads to some of these variables (Lee et
al., 2000). For instance, strong occupational commitment may lead an employee to
perceive more positive experience and fewer negative ones. Thus, it is important to test
these relationships using more rigorous methods such as longitudinal designs and
statistical controls for potential confounds (e.g., controlling for outcomes at Time 1).
Moreover, little work has been done to understand how multiple commitment mindsets
develop and interact with one another. One aim of this study is to fill this gap by
determining some of the factors that predict occupational commitment profile
membership and identify implications for practitioners interested in developing
interventions to change an individual‟s outlook on his or her occupation.
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Outcomes of Occupational Commitment
When looking at research on outcomes of commitment, commitment is expected
to be negatively related to the withdrawal from the target (Vandenberghe, 2009). In terms
of occupational commitment, the more committed someone is to their profession, the less
likely they are to intend to leave their profession or to actually leave their organization
(Lee et al., 2000). Lee et al. (2000) found meta-analytic support for the idea that
occupational turnover intentions mediate the negative relationship between occupational
commitment and organizational turnover intentions. This finding suggests that employees
lacking commitment to their profession are more likely to leave their profession and, in
turn, leave their organization. Other research has linked occupational commitment to a
number of professional outcomes such as occupational withdrawal intentions (Snape &
Redman, 2003), intent to remain in the profession, participation in discretionary
professional activities (Meyer et al., 1993), and intent to participate in professional
activities (Snape et al., 2008).
Occupational commitment has also been linked to performance-related outcomes
such as job involvement, task performance (Cooper-Hakim & Viswesvaran, 2005), and
helping others (Meyer et al., 1993). Vandenberghe (2009) suggests that occupational
commitment influences job performance outcomes to the extent that certain aspects of job
performance are emphasized or socialized within that profession. An emphasis on safe
patient care within the nursing industry, for instance, might lead a nurse who is highly
committed to nursing to seek additional education or professional development. Kerr, von
Glinow, and Schriesheim (1977) argue that service orientation is a part of the
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occupational socialization process. So, in professions where service quality is emphasized
early on, one would expect to see a positive relationship between occupational
commitment and service performance.
Summary
This chapter has reviewed some of the known predictors and outcomes
occupational commitment. Specifically, situational variables such as positive and
negative work experiences are likely to lead to affect the development of commitment
and determine approach-avoidance activation. Additionally, individual differences like
age, occupational tenure, education, and number of dependents are also likely to affect
the development of occupational commitment. Research in this area, however, is limited,
and some meta-analytic findings investigating general occupational commitment are
inconsistent with theory and other empirical studies looking at the specific mindsets of
commitment. Research on occupational commitment outcomes more consistently finds
that commitment is related to withdrawal. Overall, there is a need for research that
investigates the mindsets of occupational commitment, and also captures the realistic
complexity of the multiple mindsets that may coexist. The following chapter addresses
this challenge.
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CHAPTER FOUR
CAPTURING THE COMPLEXITY OF OCCUPATIONAL COMMITMENT
The study of commitment is quite complex given that an individual at any
moment in time may possess a number of different commitment mindsets about particular
targets. Much of the research on commitment accounts for the multiple bases (e.g.,
affective, continuance, normative) and/or multiple foci (e.g., organization, occupation),
but does not necessarily capture ways in which the co-occurrence of multiple mindsets
may affect outcomes. There is a need for measurement and analytical tools that can
account for this complexity. Vandenberg and Stanley (2009) emphasize the need for
research that “aligns our theoretical systems describing the role of commitment in a way
that more accurately represents the nature of today‟s employer-employee relationships
than is currently the case” (p. 383). Thus, the complexity of commitment in today‟s
workplace may be effectively captured by approaches beyond conventional
methodologies and paradigms of analysis. Recent advancements in theory as well as
analytical capability suggest that taking a person-centered, configural approach to
understanding multiple commitments is one promising way to conceptualize this
complexity. In this chapter, I review several methodological approaches to capturing the
complexity of multiple commitment mindsets.
Interactive Approaches
One way researchers have attempted to account for the effects of co-occurring
commitment mindsets is by modeling them as linear interactions (e.g., Somers, 1995;
Jaros, 1997). A linear interaction is when the relationship between a predictor and
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outcome depends on another predictor. For instance, the strength or direction of the
relationship between a particular commitment mindset and a given outcome would differ
depending on the level of another commitment mindset.
Somers (1995) examined the direct and interactive effects of affective,
continuance, and normative organizational commitment among staff nurses. He found a
small but significant interaction in which the relationship between affective commitment
and turnover intentions was stronger when continuance commitment was low. Another
way to interpret the interaction would be to say that high levels of continuance
commitment weaken the relationship between affective commitment and turnover
intentions. This interaction effect also provides some support for the idea that one
mindset at high levels may diminish the effects of other mindsets.
Jaros (1997) examined the interactive effects of organizational commitment
mindsets on turnover intentions longitudinally among aerospace engineers/technicians
and students attending a university part-time. He found that, among the students only,
normative commitment moderates the effects of continuance commitment on turnover
intentions. More specifically, the negative relationship between continuance commitment
and turnover intentions is stronger when normative commitment is low compared to
when normative commitment is high. This interaction suggests that when commitment
tqdriven by social norms is strong, costs of leaving do not have much effect on
employees‟ intentions to leave. Conversely, when employees have a strong need to
remain attached because of investments or costs of leaving, norms about commitment do
not have much influence on their intentions to leave. While there is a clear need to
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replicate these results in other samples, these findings also support the idea that when one
commitment mindset is strong, the effects of other mindsets become less relevant or
influential.
Snape and Redman (2003) examined occupational commitment mindsets in a
sample of British human resource specialists. They found that affective and continuance
occupational commitment were negatively related to occupational withdrawal cognitions
as expected. However, they only found negative effects for normative occupational
commitment when the continuance mindset was low. This is consistent with Jaros‟
findings and relates back to the idea that when one mindset is high, the effects of others
become mitigated. While such findings are informative for theory and future research,
other methodological approaches may enhance how we understand these interactions.
Vandenberg and Stanley‟s (2009) note that the investigation of interactions
between more than two variables has high requirements for power. Moreover, researchers
would need quite a large sample size in order to reliably detect even a small effect size of
a three-way interaction (Dawson & Richter, 2006). Given that an individual may have
multiple types of commitments or motivation operating at any given moment, some
combinations of forces may have qualitatively different effects than others leading to
different outcomes. In order to capture the outcomes associated with various commitment
combinations, some researchers have shifted their focus away from the variables
themselves and toward clusters of individuals. Such configural approaches assume that
the dynamic interaction of multiple variables exist within people, not the variables
themselves.
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Configural Approaches
Much of the commitment research to date has taken a variable-centered approach,
looking at the predictors and outcomes of commitment variables in terms of main effects
and interactions (e.g., Cooper-Hakim & Viswesvaran, 2005; Jaros, 1997).

While a

variable-centered approach examines relationships between variables, a person-centered
approach reapplies a different paradigm that focuses on variables within “types” of
individuals with similar patterns of coexisting mindsets (Craig & Smith, 2000). Recent
theoretical and empirical work on commitment has taken such a person-centered
approach, accounting for clusters of individuals who share patterns of commitment
mindsets (Meyer & Herscovitch, 2001; Meyer, Stanley, Herscovitch, & Topolnytsky,
2002; Sinclair, Tucker, Cullen, & Wright, 2005). From this perspective, individuals are
evaluated on multiple components of commitment, and when taken together, these
patterns of co-occurring mindsets form a “commitment profile” (Meyer & Herscovitch,
2001, p. 308).
Researchers argue that profile approaches have historically served to complement
dimensional, variable-centered approaches, not replace them (Marsh, Ludtke, Trautwein,
& Morin, 2009; Robins, John, Caspi, Moffitt, & Stouthamer-Loeber, 1996). Personcentered approaches in psychology can be traced back to Allport‟s work in the study of
personality (1937), and later became popularized by the Myers-Briggs personality types
(Myers & McCaulley, 1985). With respect to commitment research, Gouldner (1957,
1958) proposed the first commitment profile “typology” that distinguished between those
high in organizational commitment (locals) and those high in occupational commitment
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(cosmopolitans). Although subsequent research found flaws in the dimensionality of
these constructs and the work was later abandoned (Cohen, 2003), the approach provided
researchers with a new way to think about employee commitment. Several studies since
then have sought to empirically capture commitment clusters through more sophisticated
analytic approaches such as cluster analysis and latent profile analysis.
Figure 1 illustrates one way in which a person-centered approach may supplement
findings from more traditional analyses. In this example, there is a positive correlation
between X and Y when assuming the data come from one homogenous sample. On the
other hand, if one were to assume that the sample is made up of heterogeneous
subgroups, analyses within these subgroups may reveal different relationships between X
and Y. Moreover, these two-dimensional subgroups may have meaningfully different
predictors, characteristics, and outcomes.
There are several other advantages of a profile approach. First of all, a personcentered approach allows stakeholders to identify specific combinations of commitment
that are less optimal (Morrow, 1993). Some types of employees may be committed
enough to stay in their occupation but underperform or only perform the minimum job
requirements compared to other types of employees who may be committed in a different
way (Cohen, 2003).
A profile approach to commitment also allows for the analysis and diagnosis of
particular clusters and their prevalence (Reichers, 1985). For instance, one could identify
the number of employees within each commitment profile, which could indicate the
incidence of optimal and suboptimal group members in a sample. Profile membership
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could then be used to target interventions especially for those in groups known to be
high-risk for low performance, withdrawal or other negative outcomes.
Lastly, it may be easier to communicate research findings in terms of profiles than
in terms of multiple regression and interactions to a lay audience. People tend to
understand the world in terms of categories, not variables. Thus, research or intervention
efforts aimed at improving employee outcomes might be better explained by grouping
employees who share similar mindsets.
Cluster Analysis Approach
Two studies have examined commitment profiles using k-means cluster analysis.
This is an exploratory technique that sorts individuals into a predetermined number of
clusters based on their commitment scores. This partitioning relies on an algorithm that
minimizes within-cluster score differences and maximizes between-cluster differences.
Wasti (2005) examined organizational commitment profiles in a sample of
Turkish employees from different organizations and a sample of employees working for a
large Turkish conglomerate. The author formed profiles using scale scores from each of
Meyer and Allen‟s (1991) three organizational commitment dimensions:

affective,

continuance, and normative. Using theoretical interpretability and cell size as criteria,
Wasti found six distinct profiles emerge in each sample: the non-committed (below
average levels across all dimensions), the highly committed (above average levels across
all dimensions), the neutrals (slightly below average across dimensions), the continuance
commitment dominants (average affective and normative, high continuance), affective
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commitment dominants (low normative and continuance, average affective), affectivenormative dominants (average levels of affective and normative, low continuance).
Wasti (2005) found that the highly committed, affective-normative dominant, and
affective dominant demonstrated significantly lower turnover intentions and significantly
higher organizational citizenship behavior, while the non-committed group showed
significantly higher turnover intentions and lower organizational citizenship than other
groups followed by the continuance dominants. This is consistent with meta-analytic
findings that affective commitment has a stronger effect on withdrawal than other
commitment mindsets (e.g., Cooper-Hakim & Viswesvaran, 2005). Surprisingly, both the
continuance-dominant and neutral groups had higher work withdrawal than the highly
committed, affective-dominant, and affective-normative dominant groups.
Taken together, these findings suggest that as long as affective commitment is
higher or high and equal to continuance commitment, people are inclined to stay. In this
case, when continuance commitment was higher than or equal to moderate levels of
affective commitment, undesirable outcomes resulted. This contradicts the idea that
continuance commitment represents a need to stay, and is counter to research using
interactions, which concluded that each form of commitment, if strong, will be negatively
related to withdrawal behavior (Herscovitch & Meyer, 2002). It is, however, consistent
with studies that have found weak or positive relationships between continuance
commitment and withdrawal outcomes.
Sinclair et al. (2005) also used a cluster analysis procedure to analyze
organizational commitment profiles among a samples of US energy company employees
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and college students. This study differed from Wasti (2005) in that the authors focused
affective and continuance dimensions of organizational commitment; hypothesized
profiles according to high, medium, and low levels; and examined task, contextual, and
counterproductive performance outcomes. The authors found support for four theorized
profiles across samples: devoted (high affective and continuance); allied (moderate
affective and continuance), free agents (moderate continuance and low affective), and
complacent (moderate affective and low continuance). The free agents had lower ratings
of task performance, organizational citizenship behavior, and participated in more
counterproductive work behaviors than the other groups who all received similar
performance ratings. Like the Watsi (2005) study, this finding provides some support for
the idea that when continuance commitment is moderately high and it is not coupled with
high affective commitment, outcomes are undesirable.
The work by Wasti (2005) and Sinclair et al. (2005) supported the use of profiles
to capture the multiple mindsets of commitment and provided important insights about
commitment clusters as they relate to outcomes. The use of cluster analysis, however, has
been criticized for the subjectivity involved in determining the appropriate number of
profiles. Moreover, because cluster analysis is an exploratory technique, solutions may be
less stable and likely to replicate. Recent research is leveraging Latent Profile Analysis
(LPA) to address some of these and other issues.
Latent Profile Analysis Approach
In their chapter outlining methodological recommendations for the study of
commitment, Vandenberg and Stanley (2009) propose that the optimal solution for
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capturing the dynamic, synergistic effects of commitment is through latent profile
analysis (LPA; Pastor, Barron, Miller, & Davis, 2006). Like traditional factor analysis,
LPA involves latent variables, using a latent class variable to detect unobserved
subgroups within a heterogeneous population (Lubke & Muthén, 2005). For
multidimensional indicators, LPA would identify the underlying patterns of responses
across the indicators, estimate the mean responses for each indicator within each profile,
and compute the proportion of the sample that is expected to fall into each pattern or
profile.
Unlike cluster analysis, LPA gives researchers probabilities of group membership
and model fit indices so they can make model comparisons (Lubke & Muthén, 2005). An
added advantage is that LPA allows analysts to parameterize the properties of the classes
or profiles investigated. For instance, one could “fix” intercepts (mean levels), variances,
or correlations of indicators within and between profiles. This flexibility provides more
control over statistical tests creating new opportunities to investigate specific research
questions. Additionally, the latent categorical variable estimated in LPA can be used as a
predictor, mediator, moderator, control variable, or outcome in other models. Like cluster
analysis, LPA provides membership probability and most likely membership data points,
which can be used in other analyses as well.
To my knowledge, only one study has examined commitment profiles using latent
profile analysis. A study by Morin and colleagues (in press) examined profiles of
affective commitment toward seven targets (i.e., organization, workgroup, supervisor,
customers, job, work, and career), and they tested the predictors and outcomes of these
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profiles among Canadian employees from three organizations. The data supported the
existence of five affective commitment profiles: supervisor-committed (average levels
across most targets, high commitment to supervisor); career-committed (low levels
across most targets, high commitment to career); workplace committed (low commitment
to supervisors and careers, average commitment to job and work, high commitment to
organization, work group, and customers); committed (high levels across all targets); and
uncommitted (low levels across all targets). Groups containing the highest percentage of
employees were supervisor-committed and the committed profiles followed by
uncommitted, career-committed, and workplace committed (31%, 25%, 19%, 17%, and
7%, respectively).
The authors provided construct validity evidence for these profiles in showing
that theoretically appropriate variables predicted membership in the appropriate profiles.
Of particular relevance to the current paper, they found that one‟s relationship with
supervisor and organizational justice predicted the likelihood that people would belong to
the career-committed group as compared to the uncommitted group. In terms of
outcomes, they found that members of the career-committed group demonstrated
significantly higher task performance and lower intentions to quit as compared to the
uncommitted group. These groups, however, were equivalent in terms of their
organizational citizenship behaviors suggesting that occupational commitment may not
differentiate employees in terms of their discretionary helping behaviors at work. While
their study focused only on affective dimensions of commitment across targets, this study
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by Morin et al. (in press) made an important contribution to the needed body of research
on commitment profiles (Vandenberg & Stanley, 2009).
Summary
In summary, researchers have used a variety of methods to capture the complexity
of multiple commitment mindsets across multiple targets. While research using linear
interactions has provided useful insights about the outcomes of several patterns of
commitment, configural approaches provide an informative way to study the effects of
multiple commitment mindsets. Latent profile analysis has several practical and statistical
advantages over other approaches such as cluster analysis and there is a clear need for
more research using this approach.
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CHAPTER FIVE
HYPOTHESIS DEVELOPMENT
To address the issue of withdrawal at the occupational level and inform practical
intervention research, research must aim for a deeper understanding of the mechanisms
involved in the occupational commitment process. Given the advantages of a personcentered approach, there is a need for research that examines the antecedents and
consequences of occupational commitment profiles. Researchers have highlighted the
importance of investigating profiles with strong theoretical support (e.g., Vandenberg &
Stanley, 2009; Wang, 2009). I, therefore, drew from prior research and theory to
hypothesize the occupational commitment profiles I expected to find in a sample of
nurses. Then, I proposed the antecedents and outcomes of clusters of individuals who
share similar mindsets about their commitment to the field of nursing. Specifically, this
study investigated the effects of positive and negative work events (supports, successes,
conflicts, demands), and individual differences (occupational tenure, education, age,
dependents) as potential predictors of occupational commitment profiles and investigated
occupational withdrawal and retirement intentions as outcomes. Predictors and outcomes
were measured at Time 1 and outcomes were measured at three months later at Time 2,
so hypotheses were tested longitudinally where possible. Appendix C contains a list of all
hypotheses.
Patterns of Occupational Commitment Mindsets
The present study focuses on profiles of affective and continuance occupational
commitment among nurses. Following Sinclair et al.‟s (2005) approach, I distinguished
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between high, medium, and low levels of commitment, as opposed to only high or low
levels. This is because employees may lack a strong mindset or may be ambivalent in
their commitment. Also, I developed cutoffs for high, medium and low levels relative to
the mean of each scale as opposed to using absolute scale cutoffs, so profiles were
defined relative to other nurses in the sample.
Considering these three levels of affective and continuance dimensions,
employees may fall into one of nine possible categories (see Figure 2). These categories
are identical to those described in the paper by Sinclair and colleagues (2005); however,
in the present study, these profiles refer to occupational commitment. Devoted employees
have strong emotional attachment to their occupation and also have invested quite a lot in
their career. They love nursing and would have to face high costs if they decided to leave.
Attached employees have would face very few costs of leaving the field and are primarily
driven by their strong emotional attachment to nursing. Employees who are involved have
high emotional involvement but fall between these two continuance extremes,
experiencing only a moderate need to remain or feeling ambivalent about their costs of
leaving.
Employees who have relatively neutral feelings toward their profession but
perceive high costs of leaving are termed invested. Complacent employees differ in that
they have very few investments in their career and low perceived costs of leaving. Allied
employees have a relatively moderate desire and need to remain in their occupation, but
neither mindset is particularly strong.
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Finally, there are possible profiles of employees who have little or no emotional
attachment to their occupation, but only differ in their need to stay and perceived costs of
leaving. Those who have a strong need to remain but have no emotional connection are
considered trapped. Employees with a moderate need to remain are termed free agents.
Lastly, employees with relatively low commitment across both dimensions are
considered uncommitted.
Although there are nine profiles that can possibly exist, theory would suggest that
some profiles may be so rare or improbable, that researchers are likely to find only a few,
if any individuals fitting these profiles. Following Sinclair et al.‟s (2005) arguments, it is
unlikely that completely uncommitted employees would emerge since they would be the
most likely to self-select out of their profession. Additionally, it would be rare to find
employees who hold two opposite commitment mindsets (e.g., trapped, attached), which
is consistent with theory on retrospective rationality (Meyer & Allen, 1997), and research
finding that individuals attempt to be relatively consistent in their mindsets (e.g., Sinclair
et al., 2005; Somers, 1995). As such, individuals may alter their own perceptions of
affective and continuance occupational commitment levels for the sake of being
cognitively consistent and to avoid feeling “stuck”. If people tend to be consistent in their
attitudes and behaviors in such a way, these arguments suggest that uncommitted (weak
AC, weak CC), trapped (weak AC, strong CC), and attached (strong A, weak C) are not
as likely to exist as the other six profiles.
As described earlier, the four profiles Sinclair et al. (2005) found did not include
involved employees (strong AC, average CC) or invested employees (moderate AC,
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strong CC). One potential reason for this may be that at higher levels, affective and
continuance commitments may have additive effects on one another, bringing such
individuals into the devoted category (strong AC, strong CC) or the allied category
(average AC, average CC). This explanation agrees with Somers‟ (1995) analysis
regarding rationalization: essentially that one‟s affective commitment may be partially
due to justifications from their continuance commitment and vice versa.
Given these arguments, I expected to find four specific occupational commitment
profiles. Figure 3 provides an example of data from the expected profiles.
H1a: The following subpopulations are expected to emerge at Time 1: devoted
(high affective and continuance occupational commitment), allied (average affective and
continuance occupational commitment), free agents (low affective and average
continuance occupational commitment), and complacent (average affective and low
continuance occupational commitment).
H1b: The following subpopulations are expected to emerge at Time 2: devoted
(high affective and continuance occupational commitment), allied (average affective and
continuance occupational commitment), free agents (low affective and average
continuance occupational commitment), and complacent (average affective and low
continuance occupational commitment).
There have been recent calls for more research and theory to explain how
commitment develops over time (e.g., Vandenberg & Stanley, 2009). By examining the
ways in which nurses transition between profiles over time, researchers can identify the
most and least common transitions and develop interventions to prevent movement
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toward profiles associated with negative outcomes. Because very little research has been
done in this area, especially with regard to occupational commitment profile transition, I
proposed a few research questions that may inform the new theory regarding the
development of commitment and how it changes over time.
Research Question 1: How stable are occupational commitment profiles over a
three-month period of time?
Research Question 2: What are the demographic characteristics of each profile?
Profiling Nurses Displaying the Devoted Pattern
Employees displaying the devoted pattern of occupational commitment are
characterized by their strong emotional attachment to nursing and their high perceived
costs of leaving the field. These employees are expected to be the most highly committed
among all of the other profiles (e.g., Wasti, 2005). This begs the question of how such a
strong commitment developed.
Commitment theory that suggests that personal fulfillment and rewarding
experiences contribute to the development of affective commitment (e.g., Meyer & Allen,
1997). Positive events trigger positive emotions that are likely to activate the approach
motivational system and result in a stronger attachment to one‟s occupation. The metaanalysis by Lee and colleagues (2000) also support the relationship between positive
work experiences and occupational commitment. As such a strong affective bond is
expected to develop in nurses who experience frequent positive events, they may view
losing the positive benefits of their occupation as a high cost of leaving or may not view
alternatives as positively. In this way, strong affective commitment may spill over to
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inflate levels of continuance commitment. Thus, I expected that positive events at work,
specifically acts of support from others and experiences of success and achievement, will
affect the likelihood of individuals fitting the devoted profile.
Hypothesis 2: Nurses who experience more frequent supportive acts will be more
likely to display the devoted occupational commitment pattern (high affective, high
continuance) than any other pattern.
Hypothesis 3: Nurses who experience more frequent personal successes will be
more likely to display the devoted occupational commitment pattern (high affective, high
continuance) than any other pattern.
The devoted cluster is expected to have the strongest commitment of all the other
profiles. Commitment theory would suggest that positive work experiences are critical for
the development of the affective component of the commitment profile, but would also
suggests that investments and alternatives would be responsible for the continuance
component (Meyer & Allen, 1997). The investment of time spent in an occupation should
be positively related to the likelihood employees stay in that profession because they
perceive higher costs of leaving. Additionally, the amount of education a nurse has
received could also be considered a significant investment that would be lost should
he/she leave the field. Coupled with the relatively high emotional attachment, devoted
employees may also perceive that their strong affection for nursing adds to the other costs
of leaving.
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Hypothesis 4: Nurses with higher occupational tenure will be more likely to
display the devoted occupational commitment pattern (high affective, high continuance)
than any other pattern.
Hypothesis 5: Nurses with higher education levels will be more likely to display
the devoted occupational commitment pattern (high affective, high continuance) than any
other pattern.
Considering the approach-avoidance mechanisms, the experience of positive
events should trigger BAS processes, leading to approach-related behaviors. Moreover,
research suggests that high levels of affective and continuance mindsets may have
additive effects (Sinclair et al., 2005). Therefore the devoted group is expected to have
the strongest binding force to their occupation, and I expected that they will have the
lowest level of withdrawal intentions. As I mentioned in chapter one, nurses may choose
to leave nursing in one of two ways: retirement or occupational transition. Assuming that
retirement is more relevant for nurses approaching retirement age, I included an age
range restriction in my hypothesis for retirement intentions. Specifically, I expected to
see a stronger relationship between commitment profile membership and retirement
intentions among nurses over 50 years old. Figure 4 illustrates the hypothesized outcomes
of the expected profiles.
Hypothesis 6a: Nurses displaying the devoted pattern will have lower
occupational turnover intentions than any other pattern.
Hypothesis 6b: Nurses over 50 years old displaying the devoted pattern will have
lower retirement intentions than other nurses over 50 years old.
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Profiling Nurses Displaying the Free Agent Pattern
In contrast to the devoted profile, the expected free agent pattern is characterized
by low emotional attachment to nursing but involves some commitment to the field out of
a moderate need to avoid potential costs of leaving. Commitment theory suggests that
negative experiences contribute to low affective commitment, especially given the
challenging work environment nurses typically face (see Chapter 1). Specifically, I
expected that more frequent interpersonal conflicts and demands at work will affect the
likelihood that nurses display the free agent pattern.
Hypothesis 7: Nurses who experience more frequent interpersonal conflicts will
be more likely to display the free agent occupational commitment pattern (low affective,
average continuance) than any other pattern.
Hypothesis 8: Nurses who experience more frequent job demands will be more
likely to display the free agent occupational commitment pattern (low affective, average
continuance) than any other pattern.
Researchers have suggested that employees who feel weak emotional attachment
but have accumulated sunk costs may become resentful and feel stuck (e.g.,
Vandenberghe, 2009). Moreover, work by Wasti (2005) and Sinclair et al. (2005) support
the idea that continuance commitment, when stronger than or as strong as affective
commitment, leads to withdrawal outcomes. Lastly, approach-avoidance theory would
suggest that the experience of negative events is likely to trigger the BIS response,
prompting avoidance behaviors such as occupational transition or retirement. These
employees are likely to leave if another opportunity arises. Therefore, I hypothesized that
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free agents, being the least committed of all the expected profiles, are likely demonstrate
the highest withdrawal outcomes. Again, I accounted for the moderating effects of age
with respect to retirement intentions.
Hypothesis 9a: Nurses displaying the free agent pattern will have higher
occupational turnover intentions than any other pattern.
Hypothesis 9b: Nurses over 50 years old displaying the free agent pattern will
have higher retirement intentions than other nurses over 50 years old.
Profiling Nurses Displaying the Allied and Complacent Patterns
While I expected the devoted and free agent profiles to capture the high and low
extremes of commitment mindsets, this research does not assume that all employees are
either completely devoted or estranged from their organization (Sinclair et al., 2005).
Individuals may be moderately committed as well. It is important for research to capture
this in order to understand the full range of mechanisms through which commitment
operates, even if differences are subtle or likelihood of BAS or BIS activation is low.
Moreover, examining differences at moderate levels of commitment may offer some
theoretical insights beyond what has been learned from traditional moderated regression
analysis.
Within more moderate commitment mindsets, I expected that employees will
display either complacent (average affective, low continuance) or allied patterns (average
affective, average continuance; see Hypothesis 1). The key difference between these two
groups is in their perceived costs of leaving their occupation as they both contain
employees with average levels of affective commitment. Among complacent employees,
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continuance commitment is low and so the moderate level of emotional attachment is the
stronger binding force and the key reason they continue in their occupation. Meanwhile
costs and emotional attachment exert equally moderate forces of attachment among allied
workers. The complacent employees have less invested in the profession and therefore,
perceive fewer costs associated with leaving the field. Their commitment is driven
primarily by their affection for the field, and they have the opportunity to leave nursing.
It is likely that younger nurses have invested less time in their profession and also have
more time to change careers later in life, so I expected age to differentiate complacent
employees who have lower costs of leaving from allied who have average costs of
leaving.
Hypothesis 10: Younger nurses will be more likely to display the complacent
occupational commitment pattern (average affective, low continuance) than the allied
pattern (average affective, average continuance).
Moreover, the difference in the need to stay in the field across groups may be due
to differences in the life demands and financial obligations of individuals. For instance,
employees with more children or elderly parents to care for may be less likely to leave
nursing and start a new career; they are more likely see the costs of leaving nursing as
much higher. Given that the number of dependants should be directly associated with
continuance commitment - independent of affective commitment levels - and allied and
complacent profiles are distinguished by their levels of continuance commitment, I
expected that number of dependents would distinguish between complacent and allied
profiles. Specifically, I hypothesized that complacent employees are likely have fewer
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dependents to financially provide for than allied nurses, accounting for their lower
perceived costs of leaving the field.
Hypothesis 11: Nurses with fewer dependents will be more likely to display the
complacent occupational commitment pattern (average affective, low continuance) than
the allied pattern (average affective, average continuance).
In terms of work withdrawal, it is important to raise the possibility of equifinality
– the idea that the same end state may be reached by many different means (Sinclair et
al., 2005). According to approach-avoidance theory, there are possible cases where no
activation occurs, and so there may not be significant differences in withdrawal across
moderate mindsets of commitment. Nevertheless, theory and prior research provide some
guidance as some differences that may be expected.
Jaros (1997) concluded that when one commitment mindset is strong or stronger
than others, the effects of the others are less relevant. This suggests that for complacent
employees, affective commitment is the stronger mindset and is likely to mitigate the
effects of mild continuance commitment. Moreover, Sinclair et al. (2005) and Wasti
(2005) suggest that when affective commitment is higher than other mindsets, retention is
much higher than when continuance commitment is higher. Therefore, I expected that
complacent employees are less likely to exhibit withdrawal intentions when compared to
allied employees.
Hypothesis 12a: Nurses displaying the complacent pattern will have lower
occupational turnover intentions than those displaying the allied pattern.
Hypothesis 12b: Nurses over 50 displaying the complacent pattern will have

43

lower retirement intentions than nurses over 50 displaying the allied pattern.
As several of the hypotheses are based on what has been learned from previous
work investigating main effects and interactions of commitment mindsets, there remains
the question of how a configural approach helps us learn new information beyond more
traditional regression, path, and structural analyses. Therefore, I examined the results of a
moderated regression analysis in which affective commitment and continuance
commitment interact to predict occupational turnover intentions.
Research question 3: In what ways does LPA complement what can be learned
from a moderated regression analysis?
In summary, the present study extends current literature by a) investigating the
existence of several occupational commitment profiles and describing their
characteristics; b) examining situational and demographic predictors of profile
membership; and c) testing differences in occupational withdrawal intentions across the
occupational commitment profiles. I investigated these hypotheses and questions
longitudinally using latent profile analysis in an archival sample of Registered Nurses
from different organizations in the Northwestern United States.

44

CHAPTER SIX
METHOD
Participants
The sample was recruited from a professional nursing organization in the
Northwestern United States. Participants were recruited by an advertisement in the
nursing association newsletter, at state nursing conferences, and mailed invitations.
Nurses were invited to register and complete a brief demographics survey at the union
website. Those who registered were then contacted and asked to complete a survey either
online or on a hard copy by request, and were reimbursed $20. Three months later,
participants were asked to complete a follow up survey for $10. Of the 403 nurses who
completed the Time 1 survey, 345 responded to the Time 2 survey (85.6% response).
The final sample included a non-random sample of 403 acute care nurses.
Participants came from hospitals in 29 different cities. Participants were almost entirely
women (93%) and mostly Caucasian (92.1%). The average age of the sample was 45.8
years (SD = 11.3 years) and participants worked an average of 35.2 hours/week (SD =
10.3 hours). Table 4 presents the means, standard deviations, correlations and alpha‟s
where appropriate for all study variables.
Measures
Demographics
Age, gender, race/ethnicity, education, number of children, organizational tenure,
occupational tenure, part-time status, night shift status, number of shifts per week and
number of hours per week were all asked in a brief demographics survey that participants
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completed online as part of the registration process. Education level was coded such that
higher numbers reflect higher educational attainment. Part-time status was coded 1 for
part-time and 0 for full-time. Night shift status was coded 1 if nurses reported typically
working night shifts and 0 if they reported typically working day or evening shifts.
Lastly, for analyses involving retirement intentions, the sample was split into groups
above and below 50 years old. Approximately 54% of the sample reported being age 50
or younger.
Positive and Negative Work Events
Indices for positive and negative work events were developed as part of a larger
grant investigating turnover and retention in nursing, and some work has already been
done to develop the scales and establish evidence of their construct validity (Sinclair et
al., 2009). Negative work event scales were developed by drawing from prior
occupational health and nursing literature, focus groups with nurses, and interviews with
members of the professional association of nurses that supported the study. After
identifying core constructs and locating scales for each type of negative work event, a
focus group of 8 nurses provided valuable perspectives and feedback about the content.
The literature on positive work events was not as well-established as literature on
negative events; therefore, the development of a positive work event index was more
exploratory. To develop content for these items, researchers drew from positive critical
incidents from nurses, personal work experiences, and positive parallels to known
negative work events (e.g., “someone criticized me” vs. “someone complimented me”).
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Researchers sought feedback on positive event items from nurses in focus groups prior to
data collection and made extensive revisions to the items based on their feedback.
A content sorting exercise provided evidence for two types of negative work
events (job demands and conflict with others) and two types of positive work events
(successes and supports). The job demands index included subscales that captured role
overload, performance constraints, and the emotional demands of dealing with death and
dying. The 46 items within this index demonstrated acceptable internal consistency with
an alpha of .96. Interpersonal conflicts were assessed with an index of 12 items designed
to measure the uncivil behaviors from peers, supervisors, coworkers and physicians, and
had an alpha of .90. Successes, measured by 12 items, involved events that gave nurses a
sense of personal accomplishment or feelings of competence, while support events,
measured by 15 items, involved coworkers, supervisors, doctors and/or patients doing or
saying positive, emotionally supportive things. Both positive work event scales
demonstrated acceptable reliability (.88 and .84, respectively).
Participants were asked to rate work events based on how frequently each event
had occurred in the past 30 days. Measures for both negative events were calculated by
taking the average frequency of all events within each dimension, such that higher scores
reflect more frequent demands or conflicts.
Occupational Commitment
Affective and continuance occupational commitment were measured using scales
adapted from Meyer and colleagues (1993). Participants were asked to rate their
agreement with four items for each dimension on a five-point agreement scale. A sample
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affective occupational commitment item is, “I feel „emotionally attached‟ to the nursing
profession.” A sample continuance occupational commitment item is, “Too much of my
life would be disrupted if I decided I wanted to change careers now.” Both affective and
continuance occupational scales demonstrated acceptable reliability at Time 1 and Time 2
(Time 1: α = .89, α = .76; Time 2: α = .90, α = .78, respectively).
It is also important to explain how the profiles will be measured. In LPA,
posterior probabilities of profile membership and categorical membership variables can
be requested as part a data output file. Posterior probabilities are continuous variables for
each profile that express the likelihood that an individual belongs to that particular
profile. The profile membership variable is a categorical variable that assigns group
membership based on the profile for which an individual has the highest posterior
probability. Although examining categorical group membership includes measurement
error into the profile membership variable, it provides a different way to understand the
results. The present research investigates the predictors and outcomes of profiles using
continuous probabilities as well as categorical membership variables.
Occupational Turnover Intention
Intention to leave the occupation was measured using a scale adapted from Hom,
Griffeth and Sellaro (1984). Participants were asked to rate their agreement with three
items on a five-point agreement scale. A sample item is, “I often think about quitting this
profession.” The scale demonstrated acceptable reliability at Time 1 and Time 2 (α = .83,
α = .82, respectively).
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Retirement Intention
Intention to retire was measured using a scale adapted from Hom, Griffeth and
Sellaro (1984). Participants were asked to rate their agreement with three items on a fivepoint agreement scale. A sample item is, “I am planning to retire in the near future.” The
scale demonstrated acceptable reliability at Time 1 and Time 2 (α = .82, α = .83,
respectively).
Analyses
The present study primarily relies on latent mixture modeling, specifically latent
profile analysis to create profiles of occupational commitment. For these analyses, I
follow procedures and recommendations from Vandenberg and Stanley (2009) and Marsh
and colleagues (2009).
Deciding Parameters
One challenge of this research is to determine the appropriate model structure and
parameters to estimate while keeping in mind the following goals: a) having sufficient
variance and covariance information to test the desired number of profiles, b) meeting the
assumption of conditional independence, and c) balancing the negative impact of
additional constraints on model fit.
Understanding the number of parameter estimates and degrees of freedom for a
model is critical in ensuring that the model can be identified and properly estimated. For
a model to be identified, there must always be enough pieces of information from the
variance-covariance matrix to inform the parameters estimated. For instance, the present
study examines profiles using 8 occupational commitment items, so there are 36 pieces of
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information from the items‟ variance-covariance matrix. Therefore, any model that
estimates more than 36 parameters will be underidentified, fail to converge on a proper
solution, and result in untrustworthy estimates. This becomes an important consideration
in LPA because each additional profile examined will require the estimation of additional
parameters. Therefore, this is a limit to the number of profiles a researcher is able to test.
One way to resolve this limitation is to fix some parameters in the model so that more
profiles can be tested. Fixing some item intercepts (means) to be equivalent to one
another was appropriate in this case as occupational items are expected to be highly
related within their respective affective and continuance subdimensions.
Fixing like items to be equivalent to one another also helped to address the
assumption of conditional or local independence. This assumption presumes that the
latent profile factor explains any correlation between the items. Some researchers have
noted, however, that when dealing with items that are correlated within class, estimating
all of the appropriate item correlations may consume too many degrees of freedom,
limiting the number of profiles and other parameters that may be tested (Clark, Muthén,
Kaprio, D‟Onofrio, Viken, Rose, & Smalley, 2009). One proposed solution is in factor
mixture modeling (FMM), which estimates a latent continuous factor to account for item
correlations within class, satisfying the assumption of conditional independence. While
there are many forms of FMM, the latent continuous factor(s) require degrees of freedom
for item loadings and error variances, which also limits the number of profiles that can be
tested.
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In fixing parameters to help model identification, there is typically a tradeoff
between parsimony and model fit such that additional constraints increase the likelihood
that the model will not fit the data well. Table 5 illustrates an example of this tradeoff. As
more constraints are released, more parameters are estimated for each profile so that
fewer profiles are able to be tested with the given item information, but to the benefit of
model fit. Such a table is helpful in determining the minimum number of constraints
necessary given the number profiles the researcher wants to test. Since 4 profiles were
hypothesized in the present research, the goal was to test no fewer than 6 profiles. Given
the variance-covariance information from 8 items, I had to impose at least 5 constraints
on the item intercepts, which allowed me to test up to 7 profiles. Any additional
constraints would have unnecessarily harmed model fit. The specific constraints were
decided based on modification indices and a series of model comparisons explained in
the results section. I computed significance tests for nested model comparisons using a
loglikelihood ratio test which multiplies -2 by the difference between loglikelihood
values. Taking the difference in parameters for the degrees of freedom, this test statistic
follows a chi-square distribution.
Exploratory LPA
Using Mplus 5.2 (L. Muthén & B. Muthén, 1998-2008), I estimated a series
latent profile models through the maximum likelihood estimation approach which uses an
expectation-maximization algorithm. This is an iterative algorithm which alternates
between the expectation and maximization steps. The expectation step estimates missing
data given the observed data and current parameter estimates, while the maximization
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step computes parameters that maximize the log-likelihood value utilizing missing data
values estimated in the expectation step (Dempster, Laird, & Rubin, 1977). Missing data
were modeled using this algorithm, and this method assumed that missing values are at
random (Little & Rubin, 1987). An examination of missing data revealed that the
proportion of data present, also referred to as coverage, was at acceptable levels for all
analyses. With a recommended minimum value of .10 (L. Muthén & B. Muthén, 2008),
covariance coverage values for all study analyses ranged from .99 to 1.00. To identify the
best fitting profile model, I considered statistical fit indices, the proportion of the sample
the profile accounted for, as well as theoretical consistency and interpretability (Marsh et
al., 2009).
In order to determine the appropriate number of profiles, I tested for significant
differences between nested models using the Vuong-Lo-Mendell-Rubin Likelihood Ratio
Test (VLMR LRT; Golden, 2000), the adjusted Lo-Mendell-Rubin likelihood ratio test
(adjusted LMR; Lo, Mendell, & Rubin, 2001), and the bootstrapped likelihood ratio test
(BLRT; McLachlan & Peel, 2000). Each of these significance tests compares the fit of
the current model with k number of classes to a model with k-1 number of classes.
Significant tests indicate that the current k-class model fits the data significantly better
than a model with one fewer class. Some tests such as these that follow a chi-square
distribution have been criticized for their conservativeness in detecting significant
changes between nested models (Kline, 2005), so I also used additional information
criteria and fit indices to understand when model fit was improving or worsening:
Bayesian Information Criterion (BIC), Akaike‟s Information Criterion (AIC), sample-size
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adjusted BIC (SSA-BIC; Yang, 2006). For each of these values, smaller numbers indicate
better fit. I also examined entropy values as a measure of latent classification accuracy
(Jedidi, Ramaswamy, & Desarbo, 1993). Entropy can range from 0 to 1 with high values
indicating better precision with which cases are classified into profiles (Ramaswamy,
DeSarbo, Reibstein, & Robinson, 1993). Although there is no accepted cutoff for
entropy, prior research has used a value of .80 or higher to determine good classification
(Vaughn, Perron, & Howard, 2009). Lastly, I looked at the proportion of the sample that
fell into each of the profiles, giving preference to models with profiles accounting for
more than 5% of cases.
To interpret the meaning of the profiles for each model estimated, I examined the
item intercepts. Following the approach taken by Sinclair and colleagues (2005), I
developed cutoffs for considering means high, medium, or low based on 80% of the
standard deviation above and below the mean for that subscale. This is analogous to a
large effect size for difference scores (.80; Cohen, 1988).
One more important challenge associated with LPA is to ensure that models
converge on a global solution as opposed to a local solution (Hipp & Bauer, 2006). When
LPA models do not properly converge, solutions may violate the assumptions of the
variance-covariance matrix and create faulty estimates. A properly identified, global
solution is indicated by loglikelihood estimates that are repeated across many sets of
random starting values. Local convergence can sometimes be resolved by increasing the
number of random starting values as this should help the estimation of the correct
solution (L. Muthén & B. Muthén, 2008). To that end, I requested 800 random sets of
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starting values with the best 40 retained for optimization for all models and increased
these values as needed when informed of a local solution by logliklihood values or error
messages.
Additional challenges are associated with computing the parametric BLRT. In
cases where starting values do not converge for the bootstrapped test, Muthén and
Muthén

(2008) recommend to first fit a model successfully without the BLRT.

Specifying a seed, or set of starting values, from the stable model when running the
BLRT may help the model converge on a global solution. Increasing the number of
starting values may also help the model converge. In taking both of these approaches, all
of the estimated models converged on a replicated solution and so it is likely that the
model results reflect a global solution.
Confirmatory Profile Analysis
The goal of the confirmatory analyses was to investigate the extent to which the
profiles identified from the exploratory LPA at Time 1 are replicated in Time 2 data.
Given the apparent limitation of Mplus 5.2 to test hypotheses related to time invariance
among latent profiles, I examined Time 2 data alone, manually entering intercept
constraints based on intercepts estimated from the Time 1 model. I compared this fully
constrained model to subsequent models in which I released one Time 1 intercept
constraint at a time based on the modification indices. I then examined the qualitative
implications of each freed intercept to determine whether it changed the interpretation of
the profiles. I made a final determination regarding Time 2 profile structure weighing the
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tradeoff between parsimony (i.e., freeing fewer parameters) and model fit (i.e., freeing
more parameters).
It is important to note that a test in which Time 2 estimates are fixed to population
values differs from a test in which Time 2 intercepts are fixed to Time 1 intercepts within
the same model. The former model assumes the fixed values are true population values
and does not estimate standard errors, while the latter model estimates standard errors to
capture the presumed sampling error. In the former model, by assuming that there is no
error in intercept estimates, parameter tests will be more conservative.
Profile Change over Time
One research question was aimed at describing the extent to which profile
membership remains stable over time. To do this, I correlated Time 1 posterior
probabilities with the posterior probabilities from the Time 2 model. I also examined
categorical change by cross-tabulating the most likely profile membership from Time 1
and Time 2 models.
Demographic Differences across Profiles
Another research question involved exploring the characteristics and demographic
differences across profiles. To that end, I conducted an Analysis of Variance (ANOVA)
to test for mean differences in the following variables across participants‟ most likely
profile membership: gender, race, organizational tenure, full-time status, work hours, and
shift characteristics. The remaining demographics were hypothesized as predictors of
profile membership and were included in the predictors section.
Predictors of Profile Membership
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I examined predictors of profile membership at Time 1 and Time 2 using nurses‟
continuous posterior probabilities, as well as the categorical indicators of profile
membership based on those probabilities. Because classification error is explicitly
reflected in the posterior probabilities themselves but subsumed in the categorical
measures, I gave more weight to posterior probability findings. I examined two path
models, which included the hypothesized predictors measured at Time 1 (i.e., successes,
supports, demands, conflicts, occupational tenure, education, age, and number of
children), predicting the posterior probabilities for each profile. All possible paths were
specified from predictors to probability outcomes. Therefore, each path coefficient is
interpreted as the effect of that predictor statistically controlling for all other predictors in
the model.
I conducted one set of path models with posterior probabilities of profile
membership at Time 1, and a separate set of path models with posterior probabilities of
profile membership at Time 2.

First, I examined a path model in which profile

probabilities were regressed on the predictors. Because posterior probabilities sum to 1
and the scale is ipsative, one profile probability was omitted from each path model.
Specifically, beta values for the first four profile probabilities were generated by
excluding the fifth profile (Attached) from analysis. The beta value for the fifth profile
probability was generated by excluding the fourth profile (Allied) from analysis. Lastly, I
conducted an ANOVA to test for mean differences in the Time 1 hypothesized predictors
across most likely profile membership at Time 1 and Time 2.
Outcomes of Profile Membership
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Like the predictors, I examined the impact of profile membership on outcomes
using continuous and categorical profile variables. I used posterior probabilities and
associated profile membership from Time 1 and Time 2 to predict occupational turnover
intentions and retirement intentions at Time 2 in a series of models, again alternating the
omission of one probability variable per model. First, occupational turnover intentions at
Time 2 were regressed on the probability of group membership at Time 1. I tested a
model first with profile predictors only, and then controlling for the Time 1 outcome to
understand the extent to which the profiles predict change in outcomes over time. In a
separate series of models, outcomes were regressed on profile probabilities from Time 2.
For retirement intentions, I followed similar steps. For this outcome, however, I
conducted a multiple group analysis to test the hypothesis that the relationship between
profile membership and retirement intentions is stronger for nurses over 50 years old.
Like occupational turnover intentions, I investigated the effects of profile membership on
retirement intentions alone and then controlling for Time 1 retirement intentions to
understand how profiles predict change in this outcome. For categorical analyses,
ANOVA was used to compare the means of these Time 2 outcomes across most likely
profile membership at Time 1 and Time 2.
Complementary Regression Analysis
Similar research questions could be tested with more traditional methods, such as
hierarchical regression. To understand some of the ways in which LPA may complement
such analyses, I examined the interaction between affective occupational commitment
and continuance occupational commitment (cost of leaving) in a regression model
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predicting occupational turnover intentions. Predictor variables were mean centered
before computing the interaction term, and were then entered into the equation as such.
Expecting that costs of leaving will have stronger relationship with occupational turnover
intentions when affective commitment is low would be similar to finding that the
probability of fitting the Free Agent profile (low affective commitment, average
continuance commitment) is related to occupational turnover intentions.
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CHAPTER SEVEN
RESULTS
Deciding Parameters
The first step was to determine which constraints to impose, with the goal of
having a minimum of 5 constraints on intercepts within classes, leaving enough
information to test up to 7 profiles. Therefore, I examined the most constrained model
that would still allow me to accomplish the goals of the research (i.e., investigating both
affective and continuance occupational commitment). In this model, I fixed the item
intercepts for the affective occupational commitment items to be equivalent to one
another, and I fixed the intercepts for the continuance occupational commitment items to
one another within each class. Fixing 6 parameters per class (of 8), I tested a 1-, 2-, and
3-profile model with these constraints.
Across the 1-, 2-, and 3-profile constrained models, modification indices
suggested that freeing any of the intercept constraints within the continuance
occupational commitment domain would substantially improve model fit. Upon
investigation of the correlation matrix and item content, the first two continuance
commitment items were similar (i.e., referring to cost of leaving the profession), and the
last two items were similar (i.e., referring to a lack of occupational alternatives). This is
consistent with previous research that has examined costs of leaving and lack of
alternatives as separate constructs (e.g., Vandenberg & Stanley, 2009). As Table 6
demonstrates, releasing this constraint yielded models that fit the data significantly better
than the fully constrained model (1p: -2LL(1) = 176.43, p < .05; 2p: -2LL(2) = 191.49, p
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< .05; 3p: -2LL(3) = 186.78, p < .05). Although these models fit significantly worse than
models where all intercepts were freely estimated (1p: -2LL(5) = 59.26, p < .05; 2p: 2LL(10) = 103.54, p < .05; 3p: -2LL(15) = 143.06, p < .05), the ability to conserve 5
parameters per profile allowed me to test up to 7 profiles without causing unnecessary
harm to model fit.
Exploratory LPA
Moving forward with the 5 intercept constraints, I conducted an exploratory LPA
using Time 1 commitment items. Item intercepts were fixed such that the first set of
intercepts reflects affective occupational commitment, the second set reflects
commitment related to costs of leaving the field, and the third set reflects a lack of career
alternatives outside the field of nursing. Theory would suggest that cost of leaving is the
most essential idea to the construct of continuance commitment (Allen & Meyer, 1990),
and so my interpretation of profiles focused on this dimension, though I examine the
extent to which profiles are differentiated by the lack of alternatives construct as well.
The 2-, 3-, and 4-profile models converged normally and the BLRT also
converged. For the 5-, 6-, and 7-profile models, the best loglikelihood solution was
replicated across starting values, but bootstrap draws for the BLRT failed to converge.
An increase in the number of random sets of starting values and specification of an
optimal seed helped the model converge on an acceptable solution.
Table 7 provides the fit indices and model comparison tests for 1- through 7profile solutions. The fit statistics indicated that as more profiles are estimated, fit
improves. Entropy values were all acceptable and above .80. Significance tests indicate
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that a 3-profile model may be the best representation of the data, while the 7- and 5profile solutions also approach a statistically significant improvement. The 7-profile
solution contained two profiles that accounted for less than 5% of the sample, so I
examined the profile composition of the 3- and 5-profile models.
Table 8 provides a description of profile content across the 1- through 7-profile
models. The profiles themselves were interpreted based on a set of cutoffs described in
the analysis section. For the affective commitment set of items, above a 4.68 was
considered high, between 3.47 and 4.67 was considered medium, and below a 3.46 was
considered low. For the items related to cost of leaving, above a 4.66 was considered
high, and below 3.16 was considered low. Lastly, for items capturing lack of alternatives,
intercepts of 4.04 and above were high and below 2.18 were low. Figures 3 and 4 depict
the pattern of responses within profiles from the 3- and 5-profile models. The 3-profile
model yielded profiles that had high, medium, and low affective commitment intercepts
across moderate levels of cost of leaving, while the 5-profile model produced a more
complex solution with profiles that differ across all three sets of indicators. Interestingly,
estimates for lack of alternatives had levels similar to costs of leaving and did not
uniquely distinguish profiles in either model. The 5-profile model seemed to capture
more information across affective and continuance commitment than the 3-profile model.
Moreover, the qualitative profiles that emerged in the 5-profile model were more
consistent with theory and prior research (e.g., Sinclair et al., 2005). Therefore, I
proceeded with analyses using the 5-profile model.
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The first profile, classified as complacent, accounted for 12% of the respondents
and was characterized by average affective occupational commitment, low costs of
leaving, and low lack of alternatives. The second profile, free agent, accounted for 10%
of the sample, reflecting low affective commitment and moderate costs of leaving. The
third profile was reflected in 24% of cases and resembled either devoted or invested,
characterized by high affective commitment and high-to-average costs of leaving. With
an intercept of 4.50, I determined this was close enough to the criterion of 4.66 to be
considered high and interpreted as devoted. This classification is consistent with
analogous profiles that have been identified in prior research (Morin et al., in press;
Sinclair et al., 2005; Wasti, 2005). Close to 40% of the sample was considered allied and
exhibited average affective and continuance commitment levels. Lastly 14% of nurses
fell into the attached category, characterized by high affective commitment and low costs
of leaving. Table 9 provides the average latent class probabilities by latent class, which
provides information about the quality of classification. The high correlations along the
diagonal indicated very good classification.
Confirmatory LPA
To confirm profiles at Time 2, I estimated a 5-profile model where intercepts
were fixed at levels derived from the Time 1 exploratory analyses. I compared this model
to models in which constraints were removed and parameters were freely estimated one
by one. Constraints were released one at a time based on their harm to model fit, such
that in the first comparison model, the worst constraint was released; in the second
model, the first and second worst constraints were released; and so on. I also compared
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the fully constrained model to a 5-profile model with the sets of intercepts freely
estimated. Table 10 presents these comparisons. Additional freed constraints beyond
those listed in this table did not yield significant changes to model fit. While the freely
estimated model fit the data significantly better than the constrained model (-2LL (15) =
164.89, p < .05), this change in fit does not appear large, so I examined the extent to
which profile changes were meaningful.
In order to understand if the freed parameters lead to a meaningful change
between Time 1 and Time 2, I examined the levels of the freed intercepts to see if the
interpretation of the respective profile would change. Table 11 demonstrates the extent to
which the freed intercepts, released in order of their harm to model fit, differ from the
constrained estimates at Time 1. In this table, I noted the cases in which the difference in
intercepts led to a different interpretation of the profile. Freeing each of the four most
harmful constraints did lead to statistically significant model improvement; however,
none of these newly estimated parameters had implications for the interpretation of a
profile. Therefore, the differences between Time 1 and Time 2 profile models did not
appear to substantially change the meaning of the profiles.
Given these and other considerations, I proceeded with estimating Time 2
posterior probabilities and profile membership based on the model with all intercepts
constrained to Time 1 levels instead of the free model. In other words, individual nurses
were able to transition between profiles over time, but the structure of the profiles was
held constant across time points for several reasons. First, the modest differences between
the constrained and freed Time 2 profile model did not appear to be meaningful. Second,
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probabilities from the freely estimated Time 2 model were based on an exploratory
analysis that may capitalize on chance or idiosyncrasies of the Time 2 sample. There was
sufficient theory and evidence to support a profile structure, and so a confirmatory
approach was appropriate. Third, to the extent there were not meaningful differences
between Time 1 and Time 2 profiles, having confidence that profile measurement was
consistent across time points allowed for stronger inferences regarding profile change
over time and predictors and outcomes of profile membership. Table 12 provides the
average latent class probabilities by latent class, where the high correlations along the
diagonal indicated good classification.
Profile Change over Time
Profile change was explored by correlating posterior probabilities and crosstabulating profile membership exhibited in Tables 13 and 14, respectively. Correlations
between posterior probabilities across time points suggested that the likelihood of being
in each profile at Time 1 was highly related with probability of being in the same profile
at Time 2. Some profiles, however, were more stable than others. Specifically, the free
agent profile was the most stable with a .54 correlation between the posterior
probabilities. In terms of classification, 82.8% of the 29 nurses most likely to be in this
group at Time 1 were likely to remain in the group. Interestingly, all others who were
most likely to be free agents at Time 1 moved into the allied group at Time 2 (17.2%).
This transition represented an increase in affective commitment for this group, which is
interesting given that the sample, as a whole, demonstrated a slight decline in affective
commitment.
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The complacent, allied, and devoted profiles were somewhat less consistent over
time, and attached was the least consistent (posterior probabilities: r = .42, r = .39, r =
.37, r = .33, p < .05, respectively). Of the 42 nurses most likely to be complacent at Time
1, 57% were most likely to remain complacent. Most of those who shifted profiles were
most likely to be free agents at Time 2 (about 17% of Complacent profile; r = -.03, ns).
This represented a decrease in affective commitment toward the field and an increase in
the perceived costs of leaving nursing.
For the 138 nurses most likely to be allied at Time 1, about 57% remained stable.
The likelihood for about 18% of nurses shifted to the free agent profile (r = .05),
representing a drop in affective commitment. About 15% were most likely to become
complacent, representing a drop in costs of leaving. It was unlikely for those in the allied
group to transition to the attached category (r = -.26, p < .05), suggesting that an increase
of affective commitment coupled with a decline in costs of leaving at these levels over
time is uncommon.
Only about a third of the 84 nurses most likely to be devoted at Time 1 were
likely to remain devoted at Time 2, with another third of them most likely to be allied at
Time 2 (r = -.01). This transition reflected a moderate drop in both affective and
continuance commitment. Interestingly, only about 2% of nurses devoted at Time 1 were
most likely to be free agents at Time 2 (r = -.26, p < .05). Thus, those highly committed
to nursing are not likely to substantially decline in their affective and continuance
occupational commitment over a three month period.
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The attached profile was the least stable over time. The probability of being
attached at Time 1 was correlated .33 with the attached group at Time 2 and also had a
significant correlation of .23 with the complacent profile at Time 2. This was the only
posterior probability that had a significant, positive correlation with a Time 2 probability
outside the original profile. Categorically, of the 47 nurses most likely to be attached at
Time 1, 31% were also most likely to be attached at Time 2, while 43% of these nurses
were most likely to be complacent at Time 2. This reflected a decline in affective
commitment, which may reflect meaningful changes or simply a regression to the mean.
Moreover, about 15% of this group was most likely to be devoted at Time 2 (r = -.01, ns),
representing a large increase in costs of leaving.
Demographic Description of Profiles
To better understand the composition of the profiles, I compared the
demographics across most likely profile membership at Time 1 and Time 2. Presented in
Table 15, I conducted an ANOVA and the results of an omnibus F-test revealed no
differences across profiles for gender, minority status, organizational tenure, night shift
status, or hours worked per week at either Time 1 or Time 2. Part-time status as well as
number of shifts per week did differ across most likely profiles at Time 1; however, these
did not differ across profile membership at Time 2.
Post-hoc comparisons revealed that nurses most likely to be in the complacent
category at Time 1 had a higher proportion of part-time workers than those most likely to
be in free agent or devoted categories, and nurses most likely to be allied at Time 1 had a
higher proportion of part-timers than devoted nurses. Interestingly, nurses likely to be
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devoted and free agents at Time 1 reported working more shifts than those in the
complacent group at Time 1. Correlations revealed that being devoted was positively
related with hours worked per week, while complacent profile membership was
negatively related.
Predictors of Profile Membership
Tables 16 and 17 present the results of path analyses and ANOVAs for predictors
of profile membership at Time 1 and Time 2. Neither age, education level, number of
children, or occupational tenure differed across most likely profile membership at either
time point. Further, controlling for all predictors, none of the predictors significantly
predict the probability of profile membership in path models for Time 1 or Time 2, with
one exception. There was a significant, negative path coefficient between number of
children and the probability of being a free agent at Time 2. This indicates that having
more children decreases the likelihood that nurses will fit the free agent profile three
months later. While effects were non-significant controlling for other predictors,
correlations revealed that membership in the complacent group was negatively related to
age, providing some support for Hypothesis 10. Hypotheses 4, 5, and 11, concerning the
other variables as predictors profile membership, were unsupported.
There were significant effects, however, for the frequency of positive and
negative work events. Successes predicted profile membership in both Time 1 and Time
2 path models, controlling for other predictors. More frequent successes were associated
with lower probability of being in free agent and allied profiles at both Time 1 and Time
2. Successes were also associated with higher likelihood of being in the devoted profile
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at Time 1, and the devoted, complacent, and attached profiles at Time 2. Nurses most
likely to be in the devoted and attached groups at Time 1 and Time 2 reported a higher
frequency of successes than most other groups, while free agents reported lower levels
than most profiles. These findings provided support for Hypothesis 2 in the idea that
successes are predictive of devoted profile membership.
The frequency of supports was positively related to the likelihood of being in the
attached profile at Time 1 and Time 2, and negatively related to the probability of being a
free agent at Time 2. Accordingly, nurses most likely to be attached at Time 1 and Time
2 reported more frequent support than most other groups, while nurses most likely to be
free agents reported less frequent support than most other groups. Those categorized as
devoted at Time 1 and Time 2 reported more frequent supportive events than free agents,
though the frequency of supports for attached nurses at Time 2 were still significantly
higher than for devoted at Time 2. These findings provide partial support for Hypothesis
3, which asserted that supports would be predictive of devoted profile membership.
Path analyses provided support for Hypothesis 8 in that the frequency of
demanding events was positively associated with the likelihood of fitting the free agent
profile at Time 1 and Time 2. Demands were also positively related to the probability of
being allied at Time 2 and negatively related to the probability of being complacent and
attached at Time 1 and Time 2. Interestingly, nurses most likely to be free agents at Time
1 reported more frequent demands than all other profiles, but an omnibus F test was not
significant for differences across profiles at Time 2.
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Controlling for other predictors in the path models, the frequency of conflicts was
only predictive of the allied profile‟s probability at Time 2. Thus, Hypothesis 7, which
predicted that conflicts are predictive of the free agent profile, was not supported by path
analyses. I found partial support, however, in the ANOVA results. Those most likely to
be free agents at Time 1 reported more frequent interpersonal conflict than all other
groups; however, this effect was not replicated for profile membership at Time 2.
Outcomes of Profile Membership
Tables 18 and 19 present the results of a series of path models to test occupational
turnover intentions and retirement intentions as outcomes of profile membership at Time
1 and then at Time 2. Table 20 provides an ANOVA table for Time 2 outcomes across
most likely profile membership at Time 1 and Time 2. The probabilities of being in the
free agent and allied profiles were positively related to occupational turnover intentions at
Time 2, and the effect remained significant for the free agent probability when
controlling for Time 1 occupational turnover intentions. A test of concurrent effects
between profile membership and outcomes all at Time 2 reflected a similar pattern,
providing support for the idea underlying Hypothesis 9a. The free agent profile predicted
occupational turnover intentions and change in these intentions over time. Moreover,
nurses most likely to fit this profile at both Time 1 and Time 2 reported significantly
higher intentions to leave nursing than all other groups.
The positive, significant path between allied profile membership and intentions to
leave nursing also provided some support for the idea underlying Hypothesis 12a. This
hypothesis suggested that allied nurses would have higher occupational turnover
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intentions than complacent nurses. Although paths for complacent profile membership
were non-significant, post-hoc comparisons from the ANOVA, did not indicate any
differences in levels of occupational withdrawal across allied and complacent groups.
The probability of being attached at Time 2 was negatively related to occupational
turnover intentions at Time 2, such that a higher likelihood of being in the attached
profile is associated with lower intentions to leave nursing. While Hypothesis 6a, which
predicted a negative effect for the devoted profile, was not supported, this finding implies
that when affective commitment is high, outcomes are positive.
Analyses for retirement intentions were split in groups below and above age 50,
because I expected to find stronger effects of profile membership on retirement intentions
among nurses closer to retirement age (Hypotheses 6b, 9b, and 12b). This moderation
effect was not supported, but there was partial support for the ideas underlying some
hypotheses nevertheless. The posterior probability for the free agent group at Time 1 was
positively related to retirement intentions at Time 2 across both age groups, providing
partial support for Hypothesis 9b. This effect, however, disappeared when controlling for
retirement intentions at Time 1, suggesting that profile membership does not predict
change in retirement intentions over time. With respect to most likely profile
membership, free agents at Time 1 and Time 2 had significantly higher intentions to
retire than most other groups regardless of age.
The interaction inferred in Hypotheses 6b, 9b, and 12b was unsupported. In the
path model, Time 2 predictors had no significant effects on retirement intentions for
nurses over 50, while there were several significant paths among nurses aged 50 and
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younger. Complacent, free agent, and allied profile probabilities positively correlated
with retirement intentions in this younger group. Hypothesis 12b posited that allied
nurses would have higher retirement intentions than complacent nurses, especially among
those closer to retirement age. This hypothesis was not supported by post-hoc
comparisons across the nurses most likely in allied and complacent groups either.
Hypothesis 6b, stating that devoted profile membership would relate to retirement
intentions, was not supported, but there was support for the idea that idea that withdrawal
is lower when affective commitment is high. The probability of being attached at Time 2
was negatively related to Time 2 turnover intentions, and those most likely to be attached
at Time 1 and Time 2 had the lowest intentions to retire. This was significantly lower
than the free agent group at Time 1 and the free agent and allied groups concurrently at
Time 2.
Complementary Regression Analysis
A hierarchical regression analysis was conducted to understand the ways in which
LPA can complement more traditional analyses. Table 21 contains the results of a
moderated regression analysis. Affective occupational commitment from Time 1, cost of
leaving the nursing occupation from Time 1 were entered first to predict occupational
turnover intentions at Time 2. Affective commitment was significant (β = -.41, p < .05),
while cost of leaving was not. This accounted for 17% of the variance in occupational
turnover intentions at Time 2. The interaction between these terms was entered in Step 2,
and while affective commitment remained significant, the interaction was not significant.
In Step 3, occupational turnover intention from Time 1 were entered and was significant
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(β = .66, p < .05). Although cost of leaving and the interaction term were not significant,
affective commitment remained significant (β = -.09, p < .05), suggesting that affective
occupational commitment predicts change in occupational turnover intentions. The
negative relationship between affective occupational commitment and occupational
turnover intentions is consistent with patterns observed in profile analyses. Profile
analyses, however, revealed some interesting differences across levels of continuance
commitment within high and average levels of affective commitment, and these effects
were not detected with the statistical interaction term. At high levels of affective
commitment, employees with low levels of continuance commitment had slightly lower
occupational turnover intentions than those with high continuance commitment. At
average levels of affective commitment, those with low levels of continuance
commitment had slightly lower occupational turnover intentions than those with
moderate continuance commitment. Thus, holding affective commitment constant at a
moderate level, an increase in continuance commitment from a low to moderate level is
likely to lead to increased occupational turnover intentions. Perhaps such an increase in
continuance commitment when affective commitment is not high causes employees to
feel trapped and want to withdraw.
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CHAPTER EIGHT
DISCUSSION
The present findings provided support for a person-centered approach to the study
of occupational commitment. Figure 6 provides a summary of these findings by profile.
Five distinct profiles of occupational commitment among nurses emerged, each differing
in their predictors and outcomes. There is evidence to support that the same profiles exist
across time points, yet the profiles differed in the extent to which members remain within
one profile over time. For more unstable profiles, the results revealed that some types of
transitions are more common than others. While there were few demographic differences
across profiles, the frequency of successes, supports, and demands appear to play an
important role in the development of occupational commitment mindset. Profiles were
also characterized by their varying effects on withdrawal from the occupation.
Perhaps the most distinct group was the free agent profile, though they only
accounted for about a tenth of the sample. This group was defined by moderate costs of
leaving the field coupled with a low emotional attachment to nursing. Free agents were
likely to work more shifts per week and have fewer children than nurses fitting most
other profiles. While successes and support at work were rarely experienced, they
frequently dealt with demanding job tasks and situations. The lack of positive events and
preponderance of negative events explains how the low affective commitment associated
with this profile may have developed (e.g., Meyer & Allen, 1997). Free agents were
especially noteworthy for their strong intentions to leave the field of nursing and for an
increase in these intentions over time. When continuance commitment is stronger than
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affective commitment, such intended withdrawal behavior may be a result of the
frustration from feeling “stuck” in a particular career. The incidence of negative events
for this group also lends support to the idea that an inhibitory, avoidance response is
triggered, motivating nurses to withdraw from the occupation. Exhibiting more negative
outcomes than any of the other profiles, free agents were also the most stable profile over
a three month period of time. Those who did not remain in this profile increased
somewhat in their emotional commitment to nursing, moving them into the allied group.
Allied nurses, characterized by moderate levels of emotional attachment and costs
of leaving the field, accounted for the highest proportion of the sample (39%) and were
fairly stable over time as well. Most who did change their commitment mindsets over the
three month period either declined in their affective commitment and became free agents
or declined in their continuance commitment and became complacent. Allied nurses
rarely experienced successes on the job, but were faced with frequent demands.
Interpersonal conflicts at work were also rare for this group. Although allied nurses had
moderate levels of both affective and continuance commitment, they were likely to have
high intentions to leave nursing and retire. This was contrary to the idea that commitment
is negatively related to withdrawal intentions. Comparisons with other related profiles of
commitment help to explain these findings.
Complacent nurses, accounting for about a tenth of the sample, were similar to
allied nurses in terms of the moderate affective commitment that defines both groups.
Nurses in the complacent profile, however, had lower continuance occupational
commitment by definition and exhibited very different characteristics from the allied
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group as a result. First of all, nurses in the complacent group were highly likely to remain
in that profile over a three month period of time. Complacent nurses were also likely to
work part-time and work fewer shifts and hours per week than nurses in some other
profiles. Younger nurses were also more likely to fit the complacent profile. Unlike the
allied profile, these nurses frequently experience success at work and rarely have to deal
with demanding situations or tasks. The likelihood of fitting the complacent profile was
not significantly related to occupational turnover intentions, while the allied profile
probability had a significant, positive correlation. Thus, holding affective commitment
constant at a moderate level, an increase in continuance commitment from a low to
moderate level is likely to lead to increased occupational turnover intentions. This differs
from what a signficant interaction term might suggest in that differences were found
across a moderate level of affective commitment. This provides a useful insight building
upon studies that have found a positive correlation between continuance commitment and
withdrawal (e.g., Stinglhamber, Bentein, & Vandenberge, 2002), and other research
suggesting that high continuance commitment coupled with low affective commitment
result in work withdrawal (e.g., Sinclair et al., 2005; Wasti, 2005). The present findings
suggest that continuance commitment at the same moderate level as affective
commitment may still have negative effects on retention outcomes. Complacent profile
membership, like the allied profile, however, was positively related to retirement
intentions.
The attached profile, characterized by their high affective commitment and low
continuance commitment, was associated with lower intentions to leave nursing and
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retire. This profile was not originally hypothesized because it was thought to be unlikely
that nurses would have a high levels of one commitment mindset coupled with a low
levels of another. Interestingly, the attached profile was the most unstable. Most nurses
who were attached at Time 1 either declined in their emotional attachment to nursing and
moved to the complacent profile or increased in their continuance commitment,
transitioning to the devoted group. While regression to the mean is one plausible
explanation, the instability of this profile could also be attributed to a need for people to
be consistent in their attitudes toward their occupation. The findings seem to support the
idea that holding two extremely different commitment mindsets is rare, and people tend
to increase or lower mindset levels over time for the sake of cognitive consistency (e.g.,
Sinclair et al., 2005; Somers, 1995).
The fifth profile was the devoted group that was characterized by high affective
and continuance commitment and accounted for about a quarter of the sample. Nurses in
this group tended to work more shifts and hours per week and experience more frequent
successes. While nurses most likely to be devoted had significantly lower occupational
turnover and retirement intentions than some other profiles as expected, path analyses
using posterior probabilities did not support this relationship. In comparison, the
probability of membership in the attached profile predicted outcomes in several path
analyses and had the lowest withdrawal intentions, though these did not differ
significantly from devoted nurses. This set of findings suggests that having high levels of
both continuance and affective commitment may not lead to the most optimal retention
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outcomes as some research has suggested; better outcomes may, in fact, be achieved
when the strongest reason for staying is emotional as opposed to calculative.
Considering the findings from these five profiles, several trends emerged. First,
the five profiles that emerged were generally consistent with what was expected. Some
profiles were thought to be so rare or improbable, that would be unlikely to only see a
few of these profiles emerge from the data. Uncommitted employees (low affective and
continuance) were unlikely as they would most likely to self-select out of their
profession. Attached (high affective and low continuance) and trapped (low affective and
high continuance) were expected to be rare as they contain drastically different mindset
levels and individuals attempt to be relatively consistent in their mindsets. While I did
find evidence for the attached profile, this was the most unstable profile suggesting that
commitment mindsets toward a target may change over time in such a way that the
strength of the mindsets become more consistent with one another.
When examining trends in transition from profile to profile over the three month
period, some profiles were more stable than others and there was more movement to
some profiles than others. This informs both the nature of the profiles as well as they
ways in which commitment may change over time. Overall, there was a negative trend in
transitions across profiles such that most of those who shifted transitioned into profiles
characterized by lower commitment along one or both dimensions, though there were
exceptions. Although likelihood values were low, some free agents were likely to move
to the allied profile, some complacent nurses were likely to move to the attached
category, and some attached nurses were likely to become devoted. The least stable
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profiles were the devoted and attached profiles- the profiles with the strongest
commitment and most positive retention outcomes. While some of this instability could
be attributed to movement between these two highly committed groups or a result of
measurement error, there was more transition out of these groups than in. These results
coupled with the finding that the free agent profile – who exhibited the most negative
outcomes - was most stable could have troubling implications for the nursing industry.
Another trend in profile change over time was that nurses rarely transitioned from
an extremely committed profile (i.e., devoted, attached) to an extremely uncommitted
profile (i.e., free agent) over three month study period. Instead, individuals seem to
transition to “neighboring” profiles which, over time, may create a pathway of transition
from one extreme to another. For instance, some devoted nurses were likely to move to
the allied profile, and some allied nurses were likely to later become free agents. Thus,
the process of increasing or decreasing in occupational commitment is most likely to be
gradual and depend on the starting levels of commitment.
There were surprisingly few significant demographic differences between
profiles. Categorical comparison revealed that groups only differed in their proportion of
part-time workers and in the number shifts they work per week. This may have been the
result of a fairly demographically homogeneous sample from which profiles were
identified (e.g., few ethnic/racial minorities, majority female). Considering the
demographics that were expected to relate to commitment mindsets, such as age,
education level, number of children, and occupational tenure, there were no differences
across profiles either. Correlations, however, revealed a significant relationship between
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age and the likelihood of complacent profile membership such that younger nurses are
more likely to fit the complacent profile. The lack of significant differences from the
ANOVA was likely the result of measurement error included in the profile categories.
There were very few other significant correlations between the hypothesized
demographics and the individual commitment subdimensions. This suggests that
commitment mindsets may not depend on such demographic factors.
Positive and negative events at work, however, were predictive of membership in
some profiles, emphasizing their importance in the development of commitment. I
hypothesized that positive events – successes and supports – would trigger the approach
system and predict membership in the devoted profile. Successes were in fact predictive
of membership in most profiles including the devoted group. Supports, however, were
only consistently associated with the attached profile. Recalling that attached nurses had
the best retention outcomes of all the profiles, perceived support from others at work may
be an important element in improving withdrawal intentions. Demands and conflicts were
expected to trigger an avoidance response and predict of membership in the free agent
profile. While demands were associated with membership in most profiles, conflicts were
only related to membership in allied profile at Time 2 in path analyses. Given several
significant correlations between conflicts and profile membership, the lack of significant
findings in the path model is most likely because supports captured a similar construct (r
= .52, p < .05) and were statistically controlled in the model.
Investigating the directionality of correlations and the path coefficients between
profile membership and events at work, profiles are generally consistent across their
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tendency to experience positive and negative events. Most profiles that were likely to
experience positive events were less likely to experience negative events and vice versa.
Consistent with the idea of equifinality, for the less extreme profiles (i.e., allied and
complacent) few event predictors were significant. For those findings that were
significant, attached, devoted, and complacent profiles were likely to report more
frequent positive events and less frequent negative events, while attached and free agent
groups were likely to report less frequent positive events and more frequent negative
events. While the strengths of these relationships differ across profiles, these trends
generally suggest that members of some profiles perceive better work conditions than
members of others.
Perhaps the most important set of findings relate to the outcomes of profile
membership. From the path analyses, free agents exhibited the strongest and most
consistent withdrawal tendencies, and attached nurses demonstrated the strongest, most
consistent intention to stay followed by the devoted profile. There was some evidence
that membership in the complacent group was associated with lower occupational
turnover intentions, while the allied profile appeared to have no relationship with any of
the withdrawal outcomes. The profiles least likely to report withdrawal intentions were
also the most likely to report positive working conditions, while the free agent profile,
which is most likely report withdrawal outcomes are also the most likely to report
negative conditions at work. Consistent with approach-avoidance theory, these findings
indicate that events and experiences at work shape commitment mindsets which in turn,
drive retention or withdrawal motivation.
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Contrary to expectations, relationships between profile membership and
retirement intentions were not stronger among nurses over 50. In fact, many of these
relationships were significant for nurses under 50, but not for older nurses. One potential
explanation is that retirement intentions may be a proxy for occupational turnover
intentions among groups for whom retirement is not relevant or a realistic consideration
(i.e., younger nurses). Nurses over fifty may be more realistically considering retirement
and may have identified constraints or other factors affecting their intention to retire (e.g.,
financial well-being). These other factors may be stronger predictors of retirement
intentions than commitment mindsets.
Generally,

this

study

revealed

information

that

enhances

researchers‟

understanding of the ways in which occupational commitment mindsets develop, change
over time, and interact to predict outcomes. With respect to occupational turnover
intentions, the person-centered approach contributed unique information beyond the
results of a moderated regression analysis. Both sets of analyses suggest that affective
occupational commitment positively relates to occupational turnover intentions. The
profile results, however, reveal that meaningful differences in occupational turnover
intentions exist within groups that differ in continuance commitment levels across high
and moderate levels of affective commitment, and these effects were not detected with
the statistical interaction term. Holding affective commitment constant at a moderate
level, an increase in continuance commitment from a low to moderate level is likely to
lead to increased occupational turnover intentions. This provides a useful insight building
upon studies that have found a positive correlation between continuance commitment and
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withdrawal, and other research suggesting that high continuance commitment coupled
with low affective commitment result in work withdrawal (e.g., Sinclair et al., 2005;
Wasti, 2005). The present findings suggest that continuance commitment at the same
moderate level as affective commitment may have negative effects.
Implications
For practice, these findings suggest that positive and negative work events may
partially determine the commitment mindset that develops among nurses, and this has
implications for their desire to stay or leave the field of nursing. Better social and taskrelated working conditions are likely to lead to the development of positive commitment
mindsets. Approach-avoidance theory would suggest that individuals in these groups are
also more likely to perform well and go above and beyond in their work. Specifically,
organizations should look for ways to create opportunities for nurses to succeed at work,
while minimizing unreasonably demanding work.
Some profiles were more likely to withdraw than others, and some profiles are
more likely to move into “high-risk” profiles than others. Organizations could identify
and study such individuals. Focus groups, interviews, or additional surveying could help
stakeholders understand potential interventions that would promote transitions to more
positive commitment profiles, like attached, devoted, and complacent and minimize
transition toward the free agent profile. Given the finding that nurses rarely transitioned
from an extremely committed profile (i.e., devoted, attached) to an extremely
uncommitted profile (i.e., free agent), there may be an opportunity to intervene before
commitment mindsets digress to profiles associated with the most negative outcomes.
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The finding that nurses rarely transition out of the free agent profile emphasizes the need
for programs and interventions that prevent shifts toward this profile.
Organizations can also use profile analysis to understand the prevalence of certain
profiles, especially those that are highly likely to turnover, and incorporate this
knowledge into human resource strategy and resource allocation. For instance, if a large
percentage of nurses are most likely to be allied or complacent, organizations may want
to allocate more resources toward interventions aimed at enhancing commitment
mindsets. On the other hand, if a large percentage of nurses in an organization are likely
to be free agents, decision makers may want to invest in recruitment and succession
planning, as this profile was highly stable and associated with the strongest withdrawal
intentions.
Lastly, a person-centered approach may be useful in communicating findings to a
lay audience. The mental structures people develop about the world end to include
clusters of characteristics as opposed to continuous variables. If an audience of
stakeholders without statistical background could more effectively understand the
meaning and implications of research findings, then they might be more willing to buy-in
and invest in needed intervention efforts.
For research, the present study has provided some evidence as to the nature of the
interplay between affective and continuance occupational commitment. The data suggest
that when continuance commitment is higher than or as high as affective commitment,
retention outcomes will be less desirable than when affective commitment is strong or
strongest. An increase in continuance occupational commitment across high and
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moderate levels of affective occupational commitment increases the likelihood of
withdrawal. This may explain why some research has found positive relationships
between continuance commitment and turnover intentions while other research has not.
Perhaps in studies where such a positive relationship has been found, there were high
proportions of nurses fitting the allied and complacent profiles, underscoring the positive
effect of continuance commitment across moderate levels of affective commitment.
For theory, the results support the application of approach-avoidance theory to
commitment research. It is likely that when people stay in their profession primarily out
of a need to avoid costs or because there are no alternatives, the negative emotions
associated with feeling stuck or frustrated trigger an avoidance reaction. On the contrary,
strong emotional attachment is associated with positive emotions and is likely to trigger
an approach response.
Analytically, the present study has also demonstrated some of the research
questions that can be answered using LPA. I was able to examine continuous and
categorical data. Researchers can have more confident in results based on posterior
probabilities than categorical variables indicating the most likely profile, as the former
accounts for classification error. Comparisons using the most likely profile of individuals,
however, may more easily communicated and understood.
Strengths and Weaknesses
There were several tradeoffs associated with some decisions made during data
analysis process; these costs and benefits should be considered in future research. First,
there are analytical challenges in designing the optimal structure for a two-dimensional

84

profile model containing four continuous items per dimension. While some have argued
that the factor mixture modeling is the ideal approach to capture item dependencies
(Clarke et al., 2009), this requires the model to estimate many parameters, limiting the
number of profiles that can be tested given the amount of information from the variancecovariance matrix. Increasing the number of items within each dimension may be one
appropriate solution. In the present research, I resolved this issue by fixing intercepts
within commitment measures in each profile. Accepting the costs to model fit, the added
constraints enabled me to test a theoretically appropriate number of profiles. As LPA is
applied to more research that involves multiple reflective dimensions, identifying valid
solutions for such model parameterization issues will become increasingly important.
Secondly, decisions regarding the optimal profile model involve judgments based
on theory as well as relative fit indices, information criteria, and significance tests. While
these indices and tests are useful in comparing nested models, entropy appears to be the
only absolute measure of goodness of fit or classification. Entropy as an absolute index is
good insofar as it is used to summarize the amount of classification errors, but
researchers note that it should not be used to determine the optimal number of classes
(Henson, Reise, & Kim, 2007; McLachlan & Peel, 2000). In contrast, analyses involving
latent continuous factors have absolute indices like the Root Mean Square Error of
Approximation (RMSEA) and Standardized Root Mean Square Residual (SRMR), for
which researchers have developed criteria to determine whether models have “good fit”.
Although these criteria and cutoffs have been criticized (Kline, 2005), they remove some
of the subjectivity involved in evaluating the quality of a model. In the present research,
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the data suggested three possible solutions – a 3-, 5-, or 7-profile model –so I made a
decision based on theory. While there was a theoretical rationale backing my choice of
the 5-profile model, having more objective fit criteria would have minimized the level of
subjectivity involved in selecting the best LPA solution.
Third, confirming the 5-profile model at Time 2 was challenging because there
does not appear to be a confirmatory profile test analogous to a confirmatory factor
analysis within the LPA framework. The “structure” of the profiles is defined by their
intercept levels, and so when investigating intraindivdiual change over time between two
exploratory models, it becomes difficult to disentangle individual change from changes to
the profile structure. To address this confound, I established evidence to support that a
similar structure exists at Time 2 and held the intercepts constant. An advantage of this
approach is that any changes between Time 1 and Time 2 could be attributed to
intraindivdiual change and not shifts in the nature of the profiles. Another advantage is
that the Time 2 structure is not exploratory and therefore, is not susceptible to change
based on irregularities or biases. The disadvantage of this approach is that it assumes the
exploratory LPA from Time 1 reflects the true population values. There is a need for less
restrictive way to establish time invariance for the structure of latent profiles.
From a validity standpoint, the use of only self-report survey data may inflate
correlations between some sets of responses as a result of the common method
(Podsakoff, Mackenzie, Lee, & Podsakoff, 2003). To the extent that it was possible,
hypotheses were tested across time points in order to both understand potential lagged
effects but also to address concerns about time of measurement effects. While the use of
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self-report may be the only way to capture commitment mindsets, objective measures of
engagement and withdrawal could be used in subsequent research in lieu of intention
measures.
Sampling, characteristics of the sample, and response bias are central concerns in
research aimed at identifying homogenous subgroups within an assumed heterogeneous
sample. Profiles will emerge to the extent that members of each subpopulation were
sufficiently sampled. For instance, failing to sample a subpopulation or non-response of
participants from a subpopulation may lead researchers to conclude that potentially
important profiles do not exist. To address these concerns, the present sample was taken
from multiple organizations across one of the United States in order to get as many
individuals as possible from multiple roles, organizations, and communities. While this
was not a representative or balanced sample, efforts were made to reach as many nurses
as possible around the region. To maximize response rates, respondents were offered
financial incentives as reimbursement for their time. Another problem may arise in that
Sampling is critical also because the characteristics of the sample inform both the
nature and interpretation of the profiles as well as they ways in which commitment
changes over time. When profiles are interpreted based on relative standards established
from the mean and standard deviation, diversity in the population may drastically affect
these interpretations. Changes may be the result of unique sample characteristics or
historical events affecting this particular sample. Additional research in different samples
across historical time periods is warranted to confirm findings related to profiles and their
stability and most likely transitions.
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Although several opportunities for new research have already been proposed,
there are other interesting research questions that would advance the state of science in
the commitment literature. A more in depth study of commitment profile stability over
longer lengths of time and transition across profiles could determine the extent to which
the present findings hold true in other samples and under other conditions. Also, a more
specific understanding of the predictors involved in the development and transition of
commitment profiles could inform interventions.
Conclusion
This work findings indicate that events and experiences at work shape
commitment mindsets which in turn, drive withdrawal intentions. The application of a
person centered approach revealed information that enhances theoretical and practical
understandings of the ways in which occupational commitment mindsets develop and
interact to predict occupational outcomes in nurses.
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APPENDIX A
TABLES
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Table 1: Meta-analytic effect sizes of predictors of generalized occupational commitment
sorted by effect size from Lee et al. (2000)
Predictor

Uncorrected r

Job Involvement
Affective Org Commitment
Career Satisfaction
Burnout (Emotional Exhaustion)
Burnout (reduced accomplishment)
Satisfaction with work itself
Coworker Support
Work Ethic
Normative Org Commitment
Supervisor Support
Burnout (Depersonalization)
Role Ambiguity
Job Satisfaction
Organizational Turnover Intention
Stress
Autonomy
Role Conflict
Locus of Control
Satisfaction with Coworkers
Satisfaction with Pay
Organizational-Occupational Conflict
Performance (Supervisor-rated)
Participation
Organizational Turnover
Continuance Organizational Commitment

.41
.39
.38
-.36
-.32
.31
.29
.28
.28
.28
-.27
-.27
.27
-.25
-.24
.22
-.21
-.19
.19
.18
-.16
.15
.13
-.12
-.08
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Table 2: Meta-analytic effect sizes of predictors of affective occupational commitment
sorted by effect size from Cooper-Hakim & Viswesvaran (2005)
Uncorrected r

Predictor
Job Involvement
Job Satisfaction
Affective Organizational Commitment
Continuance Occupational Commitment
Normative Occupational Commitment
Union Willingness
Union Loyalty
Organizational Turnover Intentions
Normative Organizational Commitment
Job Performance
Continuance Organizational Commitment
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.55
.53
.51
.36
.36
.31
.3
-.3
.29
.06
.03

Table 3: Meta-analytic effect sizes of predictors of continuance occupational commitment
sorted by effect size from Cooper-Hakim & Viswesvaran (2005)
Predictor

Uncorrected r

Continuance Organizational Commitment
Normative Occupational Commitment
Normative Organizational Commitment
Job Satisfaction
Job Performance
Affective Organizational Commitment
Organizational Turnover Intentions

.53
.31
.21
-.13
-.09
.05
-.03
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Table 4. Means, Standard Deviations, Correlations, and Chronbach’s Alpha for Study Variables
Variables
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1. Age
2. Education
3. No. Children
4. Occupational Tenure
5. Successes
6. Supports
7. Demands
8. Conflicts
9. T1 Affective Commitment
10. T1 Costs of Leaving
11. T1 Lack of Alternatives
12. T1 p(Complacent)
13. T1 p(Free Agent)
14. T1 p(Devoted)
15. T1 p(Allied)
16. T1 p(Attached)
17. T1 Occupational TOI
18. T1 Retirement Int.

M

SD

1

45.75
2.25
.74
17.68
3.52
3.55
2.39
1.75
4.07
3.91
3.11
.12
.10
.24
.39
.14
1.90
2.24

11.35
1.50
1.08
12.14
.61
.58
.61
.60
.76
.94
1.16
.29
.29
.39
.45
.31
.95
1.12

.12*
-.21*
.80*
.01
-.01
.02
.05
.08
.06
.31*
-.10*
-.06
.05
.06
.01
.07
.54*

Note: Table 4 is continued on pp. 94-99.
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2

3

4

5

6

-.17*
.14*
.00
.05
-.04
-.08
.01
.00
-.01
.02
-.04
.02
.00
.00
-.03
-.01

-.20*
-.01
.06
-.02
-.03
.09
.05
-.14*
.03
-.06
.07
-.04
.01
-.11*
-.19*

-.05
.00
-.07
.05
.08
.03
.28*
-.08
-.07
.07
.04
.01
.09
.50*

(.88)
.39*
.36*
.10*
.24*
-.04
-.06
-.03
-.14*
.17*
-.11*
.10*
.02
.02

(.84)
-.09
-.36*
.33*
-.08
-.16*
-.05
-.23*
.11*
-.07
.23*
-.20*
-.18*

Table 4 (cont.)
Variables
19. T2 Affective Commitment
20. T2 Costs of Leaving
21. T2 Lack of Alternatives
22. T2 p(Complacent)
23. T2 p(Free Agent)
24. T2 p(Devoted)
25. T2 p(Allied)
26. T2 p(Attached)
27. T2 Occupational TOI
28. T2 Retirement Int.

M

SD

1

2

3

4

5

6

3.84
3.70
3.02
.23
.18
.15
.33
.10
1.86
2.19

.80
.96
1.13
.37
.37
.31
.41
.26
.92
1.13

.05
-.03
.19*
-.02
-.05
.08
.03
-.05
.01
.54*

-.03
-.07
.00
.02
-.01
.00
.00
-.01
-.04
.03

.13*
.08
-.02
.07
-.10
.00
.03
.00
-.04
-.15*

.05
-.03
.23*
-.03
-.05
.09
.02
-.03
.05
.51*

.22*
-.08
-.09
.09
-.16*
.07
-.10
.17*
.01
-.01

.31*
-.03
-.14*
.02
-.25*
.06
-.03
.29*
-.19*
-.12*
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Table 4 (cont.)
Variables
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1. Age
2. Education
3. No. Children
4. Occupational Tenure
5. Successes
6. Supports
7. Demands
8. Conflicts
9. T1 Affective Commitment
10. T1 Costs of Leaving
11. T1 Lack of Alternatives
12. T1 p(Complacent)
13. T1 p(Free Agent)
14. T1 p(Devoted)
15. T1 p(Allied)
16. T1 p(Attached)
17. T1 Occupational TOI
18. T1 Retirement Int.

7

8

9

10

11

12

13

14

(.96)
.52*
-.15*
.11*
.15*
-.06
.18*
.04
-.04
-.11*
.36*

(.90)
-.20*
.04
.15*
.01
.19*
-.02
-.02
-.13*
.34*

(.89)
-.07
-.20*
-.10*
-.73*
.58*
-.26*
.43*
-.50*

.50*
-.58*
.06
.38*
.37*
-.52*
.04

-.40*
.17*
.16*
.28*
-.40*
.27*

-.14*
-.26*
-.27*
-.10*
-.04

-.22*
-.26*
-.16*
.47*

-.44*
-.17*
-.19*

.20*

.27*

-.18*

.09

.32*

-.11*

.16*

-.04
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Table 4 (cont.)
Variables
19. T2 Affective Commitment
20. T2 Costs of Leaving
21. T2 Lack of Alternatives
22. T2 p(Complacent)
23. T2 p(Free Agent)
24. T2 p(Devoted)
25. T2 p(Allied)
26. T2 p(Attached)
27. T2 Occupational TOI
28. T2 Retirement Int.

7

8

9

10

11

12

13

14

-.11*

-.18*

.67*

.10

-.09

-.11*

-.48*

.42*

.08
.20*
-.09
.14*
-.01
.02
-.08
.36*

-.05
.09
.02
.19
-.04
-.10
-.10
.35*

-.09
-.21*
.15*
-.57*
.30*
-.08
.34*
-.41*

.58*
.41*
-.44*
-.01
.20*
.33*
-.12*
.07

.34*
.58*
-.38*
.11*
.05
.32*
-.16*
.23*

-.34*
-.26*
.42*
-.03
-.13*
-.22*
-.05
-.04

.03
.14*
-.20*
.54*
-.15*
-.11*
-.13*
.35*

.17*
.08
-.16*
-.26*
.37*
-.01
.16*
-.15*

.21*

.24*

-.14*

.07

.26*

-.10

.14*

.01
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Table 4 (cont.)
Variables
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1. Age
2. Education
3. No. Children
4. Occupational Tenure
5. Successes
6. Supports
7. Demands
8. Conflicts
9. T1 Affective Commitment
10. T1 Costs of Leaving
11. T1 Lack of Alternatives
12. T1 p(Complacent)
13. T1 p(Free Agent)
14. T1 p(Devoted)
15. T1 p(Allied)
16. T1 p(Attached)
17. T1 Occupational TOI
18. T1 Retirement Int.

15

16

17

-.39*
.02

-.20*

(.83)

.08

-.11*

.41*
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18

(.82)

19

20

21

22

Table 4 (cont.)
Variables
19. T2 Affective Commitment
20. T2 Costs of Leaving
21. T2 Lack of Alternatives
22. T2 p(Complacent)
23. T2 p(Free Agent)
24. T2 p(Devoted)
25. T2 p(Allied)
26. T2 p(Attached)
27. T2 Occupational TOI
28. T2 Retirement Int.

15

16

17

18

19

-.18*

.24*

-.41*

-.16*

(.90)

.27*
.22*
-.18*
.04
-.15*
.40*
-.26*
.07

-.32*
-.30*
.23*
-.18*
.00
-.26*
.33*
-.18*

.04
.25*
-.07
.38*
-.18*
.00
-.22*
.71*

-.02
.28*
-.08
.17*
-.05
.01
-.11
.36*

.02

-.07

.39*

.79*
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20

21

22

.11*
-.07
-.02
-.79*
.56*
-.01
.47*
-.39*

.55*
-.62*
-.02
.37*
.47*
-.29*
.13*

-.53*
.14*
.21*
.41*
-.35*
.28*

-.28*
-.29*
-.33*
-.14*
-.12*

-.17*

.02

.30*

-.08

Table 4 (cont.)
Variables
19. T2 Affective Commitment
20. T2 Costs of Leaving
21. T2 Lack of Alternatives
22. T2 p(Complacent)
23. T2 p(Free Agent)
24. T2 p(Devoted)
25. T2 p(Allied)
26. T2 p(Attached)
27. T2 Occupational TOI
28. T2 Retirement Int.

23

24

25

26

27

-.24*
-.33*
-.20*
.36*

-.27*
-0.03
-.17*

-.31*
.06

-.22*

(.82)

.16*

-.09

.08

-.13*

.45*

28

(.83)
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Note. * p < .05. TOI = Turnover Intentions. p() = posterior probability of profile membership. Values in parentheses represent
alpha coefficients. Sample sizes range from 328 to 418.
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Table 5: Illustration of Tradeoff between Model Fit and Constraints to Increase Number of Testable Profile Models
Fit for a 3-Profile Model**

No. Intercept
Constraints
per Profile

No.
Parameters
per Profile

Max No. of
Testable Profiles
Models*

-2LL

No.
Parameters

6
5
4
3
2
1
0

3
4
5
6
7
8
9

9
7
5
4
4
3
3

8874.51
8687.73
8589.97
8559.10
8543.45
8542.19
8544.68

16
19
22
25
28
31
34

∆-2LL

∆df

186.78
97.77
30.86
15.66
1.26
2.49

3
3
3
3
3
3

p

< .01
< .01
< .01
< .01
.74
.48
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Note. *Assumes there are 8 items, providing 36 pieces of information in the variance/covariance matrix. **Provides examples
of fit indices from 3-profile model where constraints were released one at a time, based on modification indices. LL =
Loglikelihood.
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Table 6: Comparing Different Constraints in 1-, 2-, and 3-Profile Models
No. Intercept
No.
No. Profiles Constraints per
-2LL
∆-2LL
Parameters
Profile
1
1
1
2
2
2
3
3
3

6
5
0
6
5
0
6
5
0

9796.10
9619.67
9560.41
9203.03
9011.54
8908.00
8874.51
8687.73
8544.68

10
11
16
13
15
25
16
19
34

∆df

p

176.43
59.26

1
5

< .01
< .01

191.49
103.54

2
10

< .01
< .01

186.78
143.06

3
15

< .01
< .01

Note: Six constraints included all four affective occupational commitment items
constrained to be equal to one another, and all four continuance occupational
commitment items constrained to be equal to one another. Five constraints included all
four affective occupational commitment items constrained to be equal to one another, two
„cost of leaving‟ items to be constrained to one another, and two „lack of alternatives‟
items to be constrained to one another.
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Table 7: Model Comparison for T1 Exploratory Profile Models
No.
Profiles

LL

No.
Par.

AIC

BIC

1
2
3
4
5
6
7

-4809.84
-4505.77
-4343.87
-4240.17
-4185.76
-4144.52
-3600.71

11
15
19
23
27
31
35

9641.67
9041.54
8725.73
8526.35
8425.52
8351.04
7271.43

9686.04
9102.04
8802.36
8619.11
8534.41
8476.07
7412.58

SSA BIC Entropy

9651.13
9054.44
8742.07
8546.12
8448.74
8377.70
7301.52

.92
.89
.86
.86
.88
.95

VLMR
LRT p

< .01
.01
.08
.05
.09
.04

LMR
Adj LRT
p

< .01
.01
.09
.06
.10
.05

BLRT
p

< .01
< .01
< .01
< .01
< .01
< .01

< 5%

< 1%

0
0
0
0
0
1
2

0
0
0
0
0
0
0
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Note: Five intercepts were constrained per profile. LL = loglikelihood; AIC = Akaike Information Criteria; BIC = Bayesian
Information Criteria; SSA BIC = Sample Size Adjusted Bayesian Information Criteria; VLMR LRT = Vuong-Lo-MendelRubin Likelihood Ratio Test; LMR Adj LRT = Lo-Mendel-Rubin Adjusted Likelihood Ratio Test; BLRT = Bootstrapped
Likelihood Ratio Test.
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Table 8: Composition of Time 1 Profiles from Exploratory LPA
Profiles
No.
Profiles
1

Intercepts
Affective
Cost of Leaving
Lack of alternatives

2
Affective
Cost of Leaving
Lack of alternatives
3
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Affective
Cost of Leaving
Lack of alternatives
4

1

2

100%
4.10
3.92
3.11
82%
4.37
3.87
2.97

18%
2.90
4.11
3.72

50%
3.91
3.93
3.14
Inv

39%
4.82
3.86
2.91
Alli

11%
2.56
4.06
3.68
Fr Ag

21%
4.43
2.56
2.04
Compl

28%
4.81
4.38
3.23
Dev

41%
Affective
3.85
Cost of Leaving
4.27
Lack of alternatives
3.47
Alli
Note: Table 8 is continued on pp. 103.

3

103

4

10%
2.50
3.98
3.58
Fr Ag

5

6

7

Table 8 (cont.)
Profiles
No.
Profiles
5

Intercepts

1

2

3

4

5

12%
3.93
2.63
2.02
Compl

10%
2.51
4.08
3.68
Fr Ag

24%
4.82
4.50
3.42
Dev

39%
3.89
4.32
3.50
Alli

14%
4.82
2.84
2.11
Att

Affective
Cost of Leaving
Lack of alternatives

4%
2.82
2.83
2.33

14%
4.85
2.85
2.12

12%
4.02
2.57
2.01

25%
4.81
4.51
3.43

8%
2.44
4.51
4.11

39%
3.88
4.31
3.47

Affective
Cost of Leaving
Lack of alternatives

10%
4.00
2.53
1.97

5%
1.95
4.05
3.67

4%
3.01
3.27
2.39

8%
3.00
4.56
4.03

24%
5.00
4.52
3.55

13%
5.00
2.81
2.13

Affective
Cost of Leaving
Lack of alternatives
6

104
7

6

Note: Inv = Involved. Alli = Allied. Fr Ag = Free Agent. Compl = Complacent. Dev = Devoted.
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7

36%
4.00
4.28
3.36

Table 9. Correlations of average latent class probabilities by latent class for Five-Profile
Model at Time 1

1. Complacent
2. Free Agent
3. Devoted
4. Allied
5. Attached

1

2

3

4

5

.88
.01
.00
.03
.04

.00
.96
.00
.01
.00

.00
.00
.92
.05
.06

.06
.04
.03
.91
.00

.06
.00
.05
.00
.90
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Table 10. Model Comparison for T2 Confirmatory Profile Models
Number of
∆
No
Freed T1
Description
LL
-2LL
Param.
-2LL
Intercepts

1
2
3
4
15

All fixed
free p2 cc
free p2 ac
free p1 ac
free p5 cc
All freea

-3584.04
-3567.71
-3562.89
-3558.74
-3556.62
-3501.59

12
13
14
15
16
27

7168.08
7135.43 32.65
7125.77 9.65
7117.49 8.29
7113.24 4.24
7003.19 164.89

Note: a: compared to fixed model
106
106

df

1
1
1
1
15

p<

AIC

BIC

SSA
BIC

.01
.01
.01
.01
.01

7192.08
7161.43
7153.77
7147.49
7145.24
7057.19

7238.20
7211.40
7207.58
7205.14
7206.74
7160.96

7200.14
7170.16
7163.17
7157.55
7155.98
7075.31

Table 11. Intercept Changes from Fixed to Free Models at Time 2
Intercepts

Time 1 Values

1. Profile 2,
CC

2. Profile 2,
AC

3. Profile 1,
AC

4. Profile 5,
CC

4.08

2.51

3.93

2.84

3.59
3.61
3.64
3.64

2.65
2.62
2.62

3.79
3.79

3.12

no

no

no

no

Estimated T2 Intercepts
1
1, 2
1, 2, 3
1, 2, 3, 4
Change in Profile
Interpretation

Note: CC = Cost of Leaving Occupation. AC = Affective Occupational Commitment
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Table 12: Correlations of Average Latent Class Probabilities by Latent Class for
Constrained Five-Profile Model at Time 2
1

2

3

4

5

1. Complacent

.89

.02

.00

.07

.02

2. Free Agent

.02

.95

.00

.03

.00

3. Devoted

.00

.00

.90

.04

.06

4. Allied
5. Attached

.06

.03

.04

.86

.01

.11

.00

.09

.01

.80

108

Table 13. Correlations between Posterior Probabilities at Time 1 and Time 2
Time 2

Time 1

1

2

3

4

5

1. Complacent

.42*

-.03

-.13*

-.22*

-.06

2. Free Agent

-.20*

.54*

-.15*

-.11*

-.13*

3. Devoted

-.16*

-.26*

.37*

-.01

.16*

4. Allied

-.17*

.05

-.15*

.39*

-.26*

5. Attached

.23*

-.18*

-.01

-.26*

.33*

Note. * p < .05.
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Table 14. Categorical Profile Change from Time 1 to Time 2
Time 2
Time 1
1
2
3
4
1. Complacent
2. Free Agent
3. Devoted
4. Allied
5. Attached
Total

Count
%
Count
%
Count
%
Count
%
Count
%
Count
%

24
57.10%
0
0.00%
10
11.90%
21
15.20%
20
42.60%
75
22.10%

7
16.70%
24
82.80%
2
2.40%
25
18.10%
2
4.30%
60
17.60%
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3
7.10%
0
0.00%
27
32.10%
10
7.20%
7
14.90%
47
13.80%

4
9.50%
5
17.20%
28
33.30%
79
57.20%
3
6.40%
119
35.00%

5
4
9.50%
0
0.00%
17
20.20%
3
2.20%
15
31.90%
39
11.50%

Total
42
100.00%
29
100.00%
84
100.00%
138
100.00%
47
100.00%
340
100.00%

Table 15. ANOVA of Demographic Differences across Time 1 and Time 2 Profile Membership
Demographics
Gender
M
Omnibus F Test

Time 1
Profiles

1. Compl
2. Fr Ag
3. Dev
4. Alli
5. Att

111
Time 2
Profiles

M

ns
.06
.09
.05
.09
.07

Omnibus F Test
1. Compl
2. Fr Ag
3. Dev
4. Alli
5. Att

p

Minority
Status

M

ns
.08
.07
.09
.06
.12

ns
.11
.04
.02
.07
.10

p

Org
Tenure
p

M

ns
10.75
9.48
11.35
10.85
11.77

ns
.08
.10
.09
.06
.05

Part-time
Status

M

.01
.55
.27
.27
.41
.38

ns
11.01
10.31
11.98
11.13
10.53

p

Night
Shift

>2, 3
<1
< 1, 4
>3

M

ns
.22
.22
.25
.25
.30

ns
.49
.39
.35
.36
.29

p

Shifts per
Week

M

.05
3.17
3.77
3.69
3.44
3.54

ns
.21
.25
.20
.25
.33

p

Hours per
Week
ns

< 2, 3 32.44
> 1 36.40
> 1 37.75
34.63
34.84
ns

3.21
3.48
3.52
3.52
3.82

p

ns
31.77
35.57
36.93
34.93
38.29

Note. Compl = Complacent. Fr Ag = Free Agent. Dev = Devoted. Alli = Allied. Att = Attached. Part-time Status coded as 0 for
fulltime, 1 for part-time; minority status coded as 0 for white, 1 for racial/ethnic minority; Night Shift coded as 0 for day or
evening shift, 1 for night shift.
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Table 16. Standardized Path Coefficients for Two Path Models Time 1 Predictors and Posterior Probabilities at Time 1 and
Time 2
Time 1 Predictors

Time 1
DVs

112
Time 2
DVs

Age

Education
Level

Number of
Children

Occupational
Successes Supports Demands Conflicts
Tenure

1. p(Compl)
2. p(Fr Ag)
3. p(Dev)
4. p(Alli)
5. p(Att)

-.07

.05

.00

-.03

.02

-.05

-.15*

.11

-.03
-.04
.07

-.04
.01
.00

-.09
.09
-.03

-.06
.11
-.03

-.18*
.17*
-.13*

-.11
.02
-.05

.25*
.01
.03

.02
-.03
-.06

.00

.00

.00

.00

.06

.10*

-.07*

.00

1. p(Compl)
2. p(Fr Ag)
3. p(Dev)
4. p(Alli)
5. p(Att)

.06
-.06
.01
.02

.03
-.01
-.02
.01

.08
-.12*
.01
.05

-.07
-.04
.08
.04

.16*
-.22*
.14*
-.15*

-.03
-.12*
.00
-.02

-.24*
.18*
-.02
.18*

.13
.09
-.05
-.20*

-.04

-.02

-.04

-.02

.14*

.24*

-.16*

.05

Note. * p < .05. p() = posterior probability of group membership. Compl = Complacent. Fr Ag = Free Agent. Dev = Devoted.
Alli = Allied. Att = Attached. Beta values for the first four profile probabilities were generated by excluding the fifth profile
(Attached) from analysis. The beta value for the fifth profile probability was generated by excluding the fourth profile (Allied)
from analysis.
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Table 17. ANOVA of Predictor Differences across Time 1 and Time 2 Profile Membership
Time 1 Predictors
Education
Level

Age
M
Omnibus F Test

Time 1
DV‟s
113

1. Complacent
2. Free Agent
3. Devoted
4. Allied
5. Attached

Time 2
DV‟s

2. Free Agent
3. Devoted
4. Allied
5. Attached

M

ns

p

M

ns

p

Occupational
Tenure
M

ns

2.32

.81

15.49

43.80
46.83
46.54
45.94

2.05
2.31
2.24
2.26

.55
.86
.70
.77

15.05
18.99
18.18
17.85

ns
45.46
44.78
47.86
46.41
44.53

ns
2.35
2.28
2.32
2.31
2.26

ns
.86
.52
.75
.76
.74

Note: Continued on page 112.

113

p
ns

43.16

Omnibus F Test
1. Complacent

p

Number of
Children

ns
17.35
16.90
20.29
18.33
17.32

Table 17 (cont.)
Time 1 Predictors
Successes
M
Omnibus F Test

Time 1
DV‟s

1. Complacent
2. Free Agent
3. Devoted
4. Allied
5. Attached
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Time 2
DV‟s

M

< .01
3.47
3.29
3.69
3.44
3.66

Omnibus F Test
1. Complacent
2. Free Agent
3. Devoted
4. Allied
5. Attached

p

Supports

< 3, 5
> 2, 4
< 3, 5
> 2, 4

p

Demands
M

< .01

p

Conflicts
M

< .01

p
.03

3.48

> 2; < 5

2.30

<2

1.77

<2

3.16
3.64
3.50
3.84

< 1, 3, 5
>2
> 2; < 5
> 1, 2, 4

2.71
2.43
2.36
2.24

> 1, 3, 4, 5
<2
<2
<2

2.07
1.74
1.74
1.58

> 1, 3, 4, 5
<2
<2
<2

< .01

< .01

ns

ns

3.607
3.332
3.618
3.454

>2
< 1, 3, 5
> 2
<5

3.557
3.255
3.619
3.518

< 5, > 2
< 1, 3, 4, 5
> 2, < 5
> 2, < 5

2.297
2.548
2.378
2.405

1.771
1.971
1.706
1.676

3.775

> 2, 4

3.964

>1, 2, 3, 4

2.269

1.61
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Table 18: Standardized Path Coefficients for Posterior Probabilities at Time 1 and Time
2 Predicting Occupational Turnover Intentions at Time 2
β's for T2 Occupational Turnover
Intentions

Time 1 Predictor
Model

Time 2 Predictor
Model

1. p(Compl)
2. p(Fr Ag)
3. p(Dev)
4. p(Alli)
5. p(Att)
Occupational TOI

.11
.44*
.08
.24*

.04
.15*
.06
.11

-.11

-.04
.66*

1. p(Compl)

.15
.52*
.08
.30*

2. p(Fr Ag)
3. p(Dev)
4. p(Alli)
5. p(Att)

-.19*

Note. * p < .05. p() = posterior probability of group membership. Compl = Complacent.
Fr Ag = Free Agent. Dev = Devoted. Alli = Allied. Att = Attached. Beta values for the
first four profile probabilities were generated by excluding the fifth profile (Attached)
from analysis. The beta value for the fifth profile probability was generated by excluding
the fourth profile (Allied) from analysis.
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Table 19: Standardized Path Coefficients for Posterior Probabilities at Time 1 and Time
2 Predicting Retirement Intentions at Time 2
β's for T2 Retirement Intentions

Time 1 Predictor
Model

< 50 years old
N = 216

> 50 years old
N = 183

.08
.24*
.15
.18

.02
.05
.09
.04

-.08
.19*
.00
-.08

-.01
.06
.04
.02

-.08

-.02
.62*

.01

.09
.78*

1. p(Compl)
2. p(Fr Ag)
3. p(Dev)
4. p(Alli)
5. p(Att)
Retirement Intention
1. p(Compl)

Time 2 Predictor
Model

2. p(Fr Ag)
3. p(Dev)
4. p(Alli)
5. p(Att)

.29*
.45*
.12
.33*

-.15
.08
-.11
-.02

-.23*

.01

Note. * p < .05. p() = posterior probability of group membership. Compl = Complacent.
Fr Ag = Free Agent. Dev = Devoted. Alli = Allied. Att = Attached. Beta values for the
first four profile probabilities were generated by excluding the fifth profile (Attached)
from analysis. The beta value for the fifth profile probability was generated by excluding
the fourth profile (Allied) from analysis.
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Table 20. ANOVA of Time 2 Outcome Differences across Time 1 and Time 2 Profile
Membership
T2 Retirement
Variable
T2 Occupational TOI
Intentions
M

p

Omnibus F Test
1. Complacent
Time 1
2. Free Agent
Commitment 3. Devoted
Profiles
4. Allied
5. Attached

.00

2. Free Agent
Time 2
Commitment 3. Devoted
Profiles
4. Allied
5. Attached

p
.04

1.79

<2

1.94

<2

2.90
1.65
1.93
1.49

> 1, 3, 4, 5
< 2, 4
< 2; > 5
<2

2.71
2.22
2.23
2.01

> 1, 4, 5

Omnibus F Test
1. Complacent

M

.00
1.69
2.52
1.54
1.93
1.36

< 2, > 5
> 1, 3, 4, 5
< 2, 4
< 2, > 3, 5
< 1, 2, 4

Note. * p < .05.
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<2
<2
.01

2.06
2.56
2.00
2.32
1.83

<2
> 1, 3, 5
<2
>5
< 2, 4

Table 21. Results from Hierarchical Moderated Regression Analysis
β

Time 1 Predictors

AC
CoL
Interaction (AC X CoL)
Occupational TOI
R2
∆ R2

Step 1

Step 2

Step 3

-.41*
.04

-.42*
.03
.07

.17*
.17*

.18*
.01

-.09*
.03
.06
.66*
.51*
.33*

Note. * p < .05. AC = Affective Occupational Commitment. CoL = Cost of Leaving the
Occupation. TOI = Turnover Intentions.

118

APPENDIX B
FIGURES
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Figure 1: Illustration of multivariate latent profiles within a heterogeneous population.
5

Continuance Commitment

4

3

2

1

0
0

1

2

3

Affective Commitment

120

4

5

Figure 2: Potential occupational commitment profiles. Hypothesized profiles are
emboldened.

Affective Occupational
Commitment

Continuance Occupational
Commitment
Strong

Average

Weak

Strong

Devoted

Involved

Attached

Average

Invested

Allied

Complacent

Weak

Trapped

Free Agent

Uncommitted

Note. Based on organizational commitment profiles from Sinclair et al. (2005).
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Figure 3: Pattern of Intercepts for Hypothesized Commitment Profiles.

5
4.5
4
3.5
Devoted
3

Allied
Complacent

2.5

Free Agent

2
1.5
1
Affective Occupational
Commitment

Continuance Occupational
Commitment
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Figure 4: Illustration of Outcomes Hypothesized for Occupational Commitment Profiles.

5

T2 Withdrawal Intention

4.5
4
3.5
3
2.5
2
1.5
1
Time 1 Profiles
Devoted

Allied

Time 2 Profiles
Complacent
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Free Agent

Figure 5: Three-Profile Model from Exploratory LPA at Time 1
5.00
4.50
4.00
3.50
Series1

3.00

Series2
Series3

2.50
2.00
1.50
1.00
ACC

CC (costs)
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CC (lack of alt.)

Figure 6: Five-Profile Model from Exploratory LPA at Time 1
5.00
4.50
4.00
3.50

Complacent
Free Agent

3.00

Devoted

Allied

2.50

Attached
2.00
1.50
1.00
ACC

CC (costs)

CC (lack of alt.)
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Figure 7. Summary of Posterior Probability Findings by Profile.

Low AC

Medium AC

High AC

High CC
Devoted
 Stable or moves to
Attached
 More shifts/week, C
 Successes likely, CL

Medium CC

Involved

Low CC
Attached
 Many move to
Complacent
 Occ TOI unlikely, C
 Retirement Int
unlikely C (< 50)

Invested

Allied
 Stable or moves to Free Agent
 Successes unlikely, CL
 Demands likely, L
 Conflicts unlikely, L
 Occ TOI likely, CL
 Retirement Int likely, C (< 50)

Complacent
 Highly stable
 Part-timers, C
 Successes likely, L
 Demands unlikely, CL
 Retirement Int likely,
C (< 50)

Trapped

Free Agent
 Highly stable, may move to
Allied
 More shifts per week, C
 Children unlikely, L
 Successes unlikely, CL
 Supports unlikely, L
 Demands likely, CL
 Occ TOI likely, CL
 Increase in Occ TOI likely, L
 Retirement Int likely, C <50, L

Uncommitted

Note. AC = Affective Occupational Commitment. CC = Continuance Occupational
Commitment. C = Cross-sectional test of effects. L = Longitudinal test of effects. Occ
TOI = Occupational Turnover Intentions. Retirement Int. = Retirement Intentions.
Demographics, Successes, Supports, Demands and Conflicts were measured at Time 1.
Occupational turnover and retirement intention outcomes were measured at Time 2.
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APPENDIX C
HYPOTHESES
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H1a: The following subpopulations are expected to emerge at Time 1: devoted
(high affective and continuance occupational commitment), allied (average affective and
continuance occupational commitment), free agents (low affective and average
continuance occupational commitment), and complacent (average affective and low
continuance occupational commitment).
H1b: The following subpopulations are expected to emerge at Time 2: devoted
(high affective and continuance occupational commitment), allied (average affective and
continuance occupational commitment), free agents (low affective and average
continuance occupational commitment), and complacent (average affective and low
continuance occupational commitment).
Research Question 1: How stable are occupational commitment profiles over
time?
Research Question 2: What are the demographic characteristics of each profile?
Hypothesis 2: Nurses who experience more frequent supportive acts will be more
likely to display the devoted occupational commitment pattern (high affective, high
continuance) than any other pattern.
Hypothesis 3: Nurses who experience more frequent personal successes will be
more likely to display the devoted occupational commitment pattern (high affective, high
continuance) than any other pattern.
Hypothesis 4: Nurses with higher occupational tenure will be more likely to
display the devoted occupational commitment pattern (high affective, high continuance)
than any other pattern.
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Hypothesis 5: Nurses with higher education levels will be more likely to display
the devoted occupational commitment pattern (high affective, high continuance) than any
other pattern.
Hypothesis 6a: Nurses displaying the devoted pattern will have lower occupational
turnover intentions than any other pattern.
Hypothesis 6b: Nurses over 50 displaying the devoted pattern will have lower
retirement intentions than other nurses over 50.
Hypothesis 7: Nurses who experience more frequent interpersonal conflicts will
be more likely to display the free agent occupational commitment pattern (low affective,
average continuance) than any other pattern.
Hypothesis 8: Nurses who experience more frequent job demands will be more
likely to display the free agent occupational commitment pattern (low affective, average
continuance) than any other pattern.
Hypothesis 9a: Nurses displaying the free agent pattern will have higher
occupational turnover intentions than any other pattern.
Hypothesis 9b: Nurses over 50 displaying the free agent pattern will have higher
retirement intentions than other nurses over 50.
Hypothesis 10: Younger nurses will be more likely to display the complacent
occupational commitment pattern (average affective, low continuance) than the allied
pattern (average affective, average continuance).
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Hypothesis 11: Nurses with fewer dependents will be more likely to display the
complacent occupational commitment pattern (average affective, low continuance) than
the allied pattern (average affective, average continuance).
Hypothesis 12a: Nurses displaying the complacent pattern will have lower
occupational turnover intentions than those displaying the allied pattern.
Hypothesis 12b: Nurses over 50 displaying the complacent pattern will have
lower retirement intentions than nurses over 50 displaying the allied pattern.
Research question 3: In what ways does LPA complement what can be learned
from a moderated regression analysis?
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APPENDIX D
SURVEY ITEMS
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Positive and Negative Work Events
Item

Success Support

I developed a close bond with my patient.
I educated my patient/family about his/her
condition(s).
I figured out how to perform a difficult
task.
I had a patient whose condition
unexpectedly improved.
I helped my patient die with dignity.
I helped my patient physically feel better.
I helped save the life of a patient.
I overcame a challenge at work.
I provided emotional support to my
patient/patient‟s family.
I realized I made a difference in someone
else‟s life.
I successfully implemented a challenging
procedure for my patient.
I taught my patient a complex self-care
task.
A coworker complimented my work.
A coworker thanked me for my work.
A physician complimented my work.
A physician helped me when I really
needed it.
A physician thanked me for my work.
Another nurse helped me when I really
needed it.
At work, my coworkers and I shared a
laugh about something.
I helped a fellow nurse when s/he needed
me.
I responded to the emotional needs of a
fellow worker.
I shared knowledge about nursing practice
with a coworker.
My charge nurse thanked me for my work.
My manager complimented my work.
My manager helped me when I really
needed it.
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x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x

Demand

Conflict

Item

Success Support

Other nurses shared knowledge with me
about nursing practice.
People in my unit went out of their way to
be nice to each other.
A patient in my care died unexpectedly.
Care intensity was too high.
Equipment was not available because
someone else was using it.
I did not have enough ancillary staff (e.g.,
housekeeping, X-ray, lab techs) to meet
patient care demands.
I did not have enough experienced RNs to
meet patient care demands.
I did not have enough RNs to meet patient
care demands.
I did not have enough RNs with the
specific education or skills needed for this
unit.
I did not have enough support staff (e.g.,
patient aides, CNAs, LPN, administration)
to meet patient care demands.
I did not have enough time to complete all
of my nursing tasks.
I did not have enough time to provide
emotional support to my patients.
I did not have enough time to respond to
the needs of my patients' families.
I experienced the death of a patient with
whom I had developed a close
relationship.
I felt helpless in the case of a patient who
failed to improve.
I had duties for which I did not have
sufficient education and/or experience.
I had problems with outdated/antiquated
computer systems.
I had technical difficulties with computer
systems.
I had to spend time searching for
information about a patient's condition.
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Demand

x
x
x
x
x
x
x
x
x

x
x
x
x
x
x
x
x
x
x

Conflict

Item

Success Support

I had to use equipment that was in poor
condition.
I had to use unfamiliar equipment or
technology.
I had to wait for information from other
people.
I had too many non-nursing tasks required,
such as clerical work.
I missed rest/meal breaks.
I received incomplete or unclear
information from other people.
I received incomplete or unclear
information from workers on previous
shifts (e.g. during sign-out, shift change).
I spoke with a patient about his/her
approaching death.
I was asked to provide patient care that
was against my nursing judgment.
I was asked to provide patient care that
was against my personal beliefs or values.
I was concerned that patients or family
members will become physically violent.
I was expected to do more than my skills
and/or education provide.
I was threatened by patients or their family
members.
I watched a patient suffer.
I worked too many hours in a shift.
I worked too many shifts in a week.
I worked with other nurses who were
overworked.
My assigned tasks at work were too
difficult and/or complex.
Needed staff were pulled from our unit.
Patient acuity was too high.
Patients/families doubted your judgment
on a matter for which you had
responsibility.
Patients/families paid little attention to
your statements or showed little interest in
your opinions.
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Demand
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x

x

Conflict

Item

Success Support

Patients/families put you down or were
condescending to you.
Patients/families used abusive or
degrading language towards you.
Requested staff were approved but did not
arrive.
Requests for additional staff were denied.
Scheduled personnel were absent.
Scheduled personnel were late for a shift.
Supplies were not well-stocked.
The demands for work quality made upon
me were unreasonable.
A manager doubted your judgment on a
matter for which you had responsibility.
A manager paid little attention to your
statements or showed little interest in your
opinions.
A manager put you down or was
condescending to you.
A manager used abusive or degrading
language towards you.
Coworkers doubted your judgment on a
matter for which you had responsibility.
Coworkers paid little attention to your
statements or showed little interest in your
opinions.
Coworkers put you down or were
condescending to you.
Coworkers used abusive or degrading
language towards you.
Physicians doubted your judgment on a
matter for which you had responsibility.
Physicians paid little attention to your
statements or showed little interest in your
opinion.
Physicians put you down or were
condescending to you.
Physicians used abusive or degrading
language towards you.
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Demand

Conflict

x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x
x

Occupational Commitment
Adapted from (Meyer Allen & Smith, 1993)
Affective
Please indicate to what extent you agree or disagree
with each of the following statements about your
career as a nurse.

Strongly Agree
Agree
Neutral
Disagree
Strongly
Disagree

PAC1. I feel a strong sense of “belonging” to the nursing
profession.
PAC2. I feel “emotionally attached” to the nursing profession.
PAC3. I feel like “part of the family” in the nursing profession.
PAC4. Being a nurse has a great deal of personal meaning for
me.

1

2

3

4

5

1
1

2
2

3
3

4
4

5
5

1

2

3

4

5

1

2

3

4

5

1

2

3

4

5

1

2

3

4

5

1

2

3

4

5

Continuance
PCC1. Right now, working as a nurse is a matter of necessity for
me.
PCC2. Too much of my life would be disrupted if I decided I
wanted to change careers now.
PCC3. I feel I have too few options to consider leaving the
nursing profession.
PCC4. I am staying in the nursing profession because I would
have a difficult time finding a better job elsewhere.
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Intentions
Adapted from Hom, Griffeth and Sellaro (1984)
Occupational Turnover
Please indicate the extent to which you agree or
disagree with each of the following statements
about your intentions regarding your career,
organization, and department in your primary
nursing job.

Strongly Agree
Agree
Neutral
Disagree
Strongly Disagree

PTI1. I am planning to search for a new job outside this profession
during the next 12 months.
PTI2. I often think about quitting this profession.
PTI3. If I have my own way, I will be working in some other
profession one year from now.

1

2

3

4

5

1

2

3

4

5

1

2

3

4

5

1
1
1

2
2
2

3
3
3

4
4
4

5
5
5

Retirement
RI1. I am planning to retire in the near future.
RI2. I often think about retiring.
RI3. If I have my own way, I will be retiring a year from now.
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